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n an essay published in the Evening Standard, 9 February 1946, George Orwell 

described his perfect pub, the “Moon Under Water”. Among his ten stipulations 

were “You cannot get dinner at the Moon Under Water, but there is always the 

snack counter where you can get liver-sausage sandwiches, mussels (a speciality of 

the house), cheese, pickles and those large biscuits with caraway seeds in them which 

only seem to exist in public-houses”. Each to their own, no doubt.  

 

This issue of JoHILA is (mostly) focused on Artificial Intelligence. One wonders what 

more could possibly be said, or whether further commentary is even helpful. 

However, its ubiquity and its promise and its peril demand attention, analysis, maybe 

acclaim, maybe alarm. In the spirit of Orwell I prompted several LLM AI tools to adapt 

Orwell’s task and to “Design the ideal hospital library”.  

 

CoPilot suggested “The ideal hospital library is not simply a room full of books. It is a 

clinical knowledge hub, learning centre, research support service, and wellbeing 

space that improves patient care, education, and innovation across the hospital.” It 

concluded with a gold standard concept: “The truly ideal hospital library functions 

less like a traditional library and more like a Clinical Knowledge Centre, where 

librarians are embedded in healthcare teams, digital resources are available 

anywhere and anytime, research support is proactive, and every service contributes 

directly to safer, evidence-based patient care. For a modern health service, this 

model transforms the library from a support department into a strategic clinical 

asset.” Solipsistically it also mentioned AI-assisted literature searching, AI literacy 

education, and an AI-powered discovery platform. Interestingly under key resources 

it listed UpToDate but not Dynamed, which will elicit no further editorial comment.  

 

ChatGPT wanted to meld a patient library with a clinical library, including in its 

suggested layout a children’s corner and a central reading garden. Helpfully it did 

suggest the most important feature were librarians. It described the ideal experience 

as “A patient enters → finds a welcoming reception → can browse independently → 

discovers trustworthy information → sits somewhere peaceful → gets help if needed 

→ leaves feeling more informed and less overwhelmed. 

Meanwhile, a clinician can enter from another part of the library, search the latest 

evidence, collaborate with colleagues, and return to work without disturbing patients. 

 

I 
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In short: the ideal hospital library is simultaneously a knowledge centre, learning 

laboratory, sanctuary, and bridge between healthcare professionals and the people 

they care for.” 

 

Claude wanted plain-language health information organized by condition, not by 

Dewey decimal — think "Newly Diagnosed: Diabetes" not "616.4". It did include 

UpToDate AND Dynamed in its suggested point-of-care database access, which will 

elicit no further editorial comment. It was also keen to point out the one thing many 

hospital libraries get wrong (using a first-person pronoun no less): “They optimize for 

the collection and forget the human interface. The best hospital libraries I'd design 

around are staffed by someone whose job is literally to sit with a scared family 

member and help them find something true and readable about what they're facing 

— that single role does more for the mission than any amount of shelf space.” 

 

Gemini asked me straight up “What’s the vibe, Daniel?”, which seems entirely 

unnecessary. Nevertheless, it suggested “The ideal modern hospital library is no 

longer just a quiet room full of dusty medical texts; it is a dynamic, multi-purpose 

hub designed to serve three distinct audiences with vastly different needs: clinical 

staff (physicians, nurses, researchers), patients and their families, and 

administrative/educational staff.” It also mentioned UpToDate and BMJ Best Practice 

(only), alongside AI search facilitation and an AI-powered knowledge discovery layer.   

 

Perplexity was the only tool to include pictures… and references to sources. It 

summarised the ideal hospital library as “not primarily a book room. It is a clinical 

knowledge hub: a highly accessible, trusted service that helps clinicians make better 

decisions, supports education and research, and gives patients understandable 

health information—at the point and pace of care”. It did suggest that librarians 

could help “identify hallucinations or outdated guidance” and was generally very 

bullish about the core role of the librarian: “The library’s real collection is therefore 

both digital and human: licensed evidence resources plus librarians skilled at finding, 

evaluating, synthesising, and translating information.” It concluded rather poetically: 

“A useful standard is this: a nurse on night shift, a registrar at the bedside, a 

researcher planning a review, and a family trying to understand a diagnosis should 

each be able to get trustworthy help quickly—without needing to know where 

information lives or how to search for it. In short, build a calm, flexible physical 

refuge—but fund it as a high-impact clinical information service. The shelves are 

optional; expert mediation, reliable digital access, inclusive learning space, and 

integration into care are not.” 

 

Grok was (honestly, not a joke) “experiencing issues. We are working on restoring 

service as quickly as possible.” It also wanted me to “sign up to continue seamlessly 

with Grok’s full power.” I did not. I did wonder if Tesla cars and SpaceX rockets also 

“experience issues”. 
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All of these answers (apart from Grok) were perfectly perfect in their summation of 

what health librarians would typically want in an ideal space and service. None of 

them has the elan of a George Orwell essay, unable to suggest the equivalent of not 

simply a snack counter but a snack counter where you can get liver-sausage 

sandwiches, mussels (a speciality of the house), cheese, pickles and those large 

biscuits with caraway seeds in them which only seem to exist in public-houses.  

 

Therein lies the conundrum. The technology is obviously extraordinary, with 

profound implications for the way all of us generate, organise, retrieve, and 

understand information. It also traduces vast swathes of (non-reimbursed) human 

creativity to a polished but soulless blancmange, a very convincing parrot, but a 

stochastic parrot nonetheless. Maybe, probably, none of this matters. It is an 

information technology, and it will find its place, which is probably at the centre and 

at the extremes. Gutenberg’s printing press and Turing’s computer and Jobs’ iphone 

all contain multitudes. Technology absolutists like Elon Musk and Peter Thiel and 

Marc Andressen spout forth on the enormous existential implications of AI. While on 

Substack Sam Kriss posts “If you let AI do your writing, I will come to your house and 

kill you. Did you think I wouldn’t be able to tell? I can tell. I hate it. I find it viscerally 

disgusting; a cold shudder like someone’s poured jelly down the back of my neck. I 

hate that it’s everywhere; I hate that when I read basically anything now I’m 

constantly on alert, is this thing really what it says it is? Is this person actually a robot 

in disguise?”. On the Red Hand Files Nick Cave posts “ChatGPT has no inner being, it 

has been nowhere, it has endured nothing, it has not had the audacity to reach 

beyond its limitations, and hence it doesn’t have the capacity for a shared 

transcendent experience, as it has no limitations from which to transcend. ChatGPT’s 

melancholy role is that it is destined to imitate and can never have an authentic 

human experience, no matter how devalued and inconsequential the human 

experience may in time become.” At the New Yorker Jay Kaspian King writes of the 

despair of the professor in the age of A.I., asking “was it always the case that half of 

our students would cheat if it were easy enough?”  

 

Meanwhile in health, clinicians are finding the middle ground, adopting these new 

tools and adapting to them, finding efficiencies and confirming treatment plans and 

opening up new patterns of thought and possibilities for diagnosis and intervention. 

All the while confronting the intractable present realities of bed block and resource 

scarcity, of perinatal and palliative care, of disease and death. In health libraries tools 

are being used in all sorts of ways, many described in the articles in this issue, while 

caution and discernment are also preached and practiced.  

 

My son is five years old. Of late when visiting his grandparents he bounds in to his 

grandmother’s bedroom to say hello. Initially I thought this was charming and a sign 

of good parenting resulting in intergenerational bonhomie. Until, that is, I cottoned 

on that his grandmother reads abundantly on her Surface tablet, and also lets him 
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watch dinosaur videos (and who knows whatever else is algorithmically served up), 

so he is actually chasing the screen and not (only) his grandmother’s affection, which 

is probably a sign of very bad parenting. And yet, how are screens and their 

attendant information streams to be avoided? The dining table was maybe once 

sacrosanct, but screens are necessary to adjust the volume of music playing through 

the fridge and to talk about the photos on the app from that day’s kindy summary. 

He, like me, like we, will have to navigate a world where the tools are ubiquitous, but 

there are very blurry lines between clean and clear information and mis and 

disinformation, where the boundaries between hallucinations and hard scholarly 

labour are stretched and warped, where creativity and imagination and thinking are 

at once enhanced and greatly challenged.  

 

A recent report of MIT’s Ad Hoc Committee on AI use in Teaching, Learning, and 

Research Training, published August 13 2026, is perhaps helpful in this navigation. It 

lists its guiding principles to: be humble; be bold; put humanity front and center, lean 

into learning; teach with intentionality; no one size fits all; augmentation not 

automation; think beyond the classroom and campus. Its three recommendations 

are: 

1. Adapt educational processes for an AI-aware world 

2. Center people, community, and the residential experience 

3. Build processes, teams, and tools for continuous reflection, iteration, and 

improvement 

 

And perhaps the last word needs to go to Orwell, who did so much in his writing to 

alert the world to the power, and danger, of words and ideas unmoored from 

morality and humanity, of artifice masquerading as intelligence. “In prose” he says in 

his influential essay Politics and the English Language, “the worst thing you can do 

with words is to surrender to them.” 

 

I commend the articles in this issue to you, words not surrendered but rather 

deliberately chosen in order to better inform and educate all of us. And this is far 

from the end of the conversation, or the generation of an evidence base. If you have 

opinions or quality improvement activities or research projects with respect to AI, 

either within the library or in collaboration with others in health, submit an article to 

an upcoming issue of JoHILA. Orwell would be most honoured, even if you use (a 

little) help from our new overlords.  
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t continues to be a busy and productive period for Health Libraries Australia, with 

significant activity across advocacy, workforce development, member 

engagement, and planning for future events. 

 

One of the most exciting developments is the upcoming joint conference between 

Health Libraries Australia (HLA) and Health Libraries Inc. (HLI). Bringing together 

colleagues from across Australia, this partnership reflects our shared commitment to 

strengthening health librarianship through collaboration, knowledge sharing, and 

professional connection. Planning is progressing well, and we look forward to 

welcoming delegates for what promises to be an engaging and inspiring program 

that showcases the innovation, expertise, and impact of health library professionals. 

 

A significant achievement this year has been the release of the updated ALIA HLA 

Competencies and accompanying course map. This important work, led by Ann 

Ritchie and supported by a dedicated reference group, provides a contemporary 

framework that reflects the evolving scope of health librarianship. The competencies 

support professional development, workforce planning, and advocacy, while also 

helping individuals and organisations identify the knowledge and skills required for 

success in a rapidly changing health information environment. Their release 

represents an important milestone for our profession and will help guide health 

librarians at all career stages. 

 

Advocacy remains a key focus for HLA. The committee has been actively contributing 

to consultation on the third edition of the National Safety and Quality Health Service 

(NSQHS) Standards. While our initial submission did not result in the inclusion of 

health library perspectives as we had hoped, the need to highlight the contribution 

of health librarians and evidence services to quality and safety in healthcare remains 

as important as ever. HLA is currently preparing a further submission and will 

continue engaging with stakeholders to ensure our profession's role in supporting 

evidence-informed decision-making is recognised within these important national 

standards. Advocacy often requires persistence, and we remain committed to making 

the voice of health librarians heard. 

 

Earlier this year, HLA undertook a member survey to better understand the priorities, 

challenges, and opportunities facing our members. We are grateful to everyone who 

took the time to provide thoughtful feedback. The results have provided valuable 

insights and are already informing the work of HLA, helping us ensure that our 

I 
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activities, professional development offerings, and advocacy efforts align with the 

needs and expectations of the health library community. 

 

Another important milestone has been the completion of the Specialist Digital Health 

Workforce Census. Capturing accurate workforce data is essential to building 

visibility for our profession and strengthening future workforce planning and 

advocacy efforts. We thank all members who participated and contributed their data. 

Analysis of the results is now underway, and we look forward to sharing findings with 

the sector in the coming months. 

 

It has also been encouraging to see such strong engagement with the HLA awards 

program this year. We have been delighted, and somewhat overwhelmed in the best 

possible way, by the number and quality of applications received. The breadth of 

submissions highlights the innovation, leadership, and dedication that exists across 

health libraries and demonstrates the significant impact health librarians continue to 

have within their organisations and communities. We look forward to celebrating the 

achievements of our colleagues when the award recipients are announced. 

 

As always, thank you to our members for your ongoing support, engagement, and 

advocacy. The strength of HLA lies in its members, and we are excited to continue 

working together to advance and promote health librarianship across Australia. 

 

Gemma 
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Abstract 

n 2024, Northern Sydney Local Health District (NSLHD) Libraries implemented a 

librarian led program to introduce artificial intelligence (AI) tools for evidence 

retrieval and research workflows to clinicians and hospital staff. The initiative 

focussed on learning, testing, and teaching safe and appropriate AI use within a 

health service environment. In 2025, the program expanded to include advanced 

training and clinical collaborations. This article describes the program’s origins, key 

design decisions, and developed resources. It also examines early impacts and 

lessons learned relevant to health library practice. 

 

Why we started 

As generative AI tools rapidly entered clinical and research settings, NSLHD Libraries 

identified the need to build internal capability before supporting organisation-wide 

use. Librarians required time and space to explore AI technologies, assess their 

viability, and critically evaluate emerging tools within a health service context. 

An AI Community of Practice (CoP) for librarians was established in early 2024. 

Meeting fortnightly, the group tested tools, shared insights, and discussed 

implications for professional roles and service delivery. Core aims included 

identifying potentially useful tools, articulating benefits and limitations, and 

developing practical guidance grounded in librarianship expertise.  

 

Alongside this work, the library started on an AI education working plan, with defined 

objectives and timelines developed. From the outset, the AI Essentials program 

aligned with NSW Health governance and Local Health District Digital Health Service 

I 
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(DHS) messaging, including recommendations to use Microsoft Copilot under 

enterprise protections.  

 

Designing the program 

The AI Essentials program was launched as a series of short, stand-alone lunchtime 

sessions offered to the full health district and recorded for later viewing. Initial topics 

included ‘Chatbots in Action’, ‘Prompting Techniques for Clinicians’, and ‘Find 

Literature Fast: AI Tools for Quick Results’. In 2025, additional sessions addressed 

‘Systematic Reviews in the Age of AI’, ‘Visualising the Literature with AI Tools’, 

‘Writing Titles and Abstracts with AI’, and ‘Evidence to Action: OpenEvidence AI, 

UpToDate, and BMJ Best Practice’. 

 

Sessions focussed on both foundational and applied topics, including ethics and bias, 

effective prompting, hallucinations and verification, attribution and copyright, and 

the role of libraries in supporting evidence-based workflows. Emphasis was placed 

on responsible use and professional judgement rather than promotion of specific 

tools. 

 

An AI Essentials intranet page supported the program by providing access to session 

recordings, AI subject guides, and a clear contact point for questions and requests. 

 

Launch and delivery 

The initial sessions were delivered between October and November 2024. Live 

demonstrations explained differences between large language models and grounded 

tools, and illustrated verification workflows such as tracing citations to confirm 

accuracy. 

 

Across all sessions, consistent messages were reinforced: open AI tools may not 

retrieve paywalled literature; AI assisted searches are not reproducible in the same 

way as database strategies; and AI generated outputs must be verified and 

appropriately acknowledged. Privacy, transparency, and policy alignment were 

embedded throughout delivery. 

 

Living subject guides 

Two complementary subject guides, AI in Healthcare and AI in Research, were 

developed as living resources. Available via the AI Essentials intranet page and the 

library website, the guides support 24/7 self-directed learning. 

 

The AI in Healthcare guide focuses on safe and responsible AI adoption in clinical 

and education contexts, including governance and privacy considerations. The AI in 

Research guide supports research workflows such as prompting, discovery, 

verification, citation, and attribution. Both guides are reviewed quarterly and updated 

in response to tool developments, policy changes, and staff feedback. Recent 
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updates have included material addressing environmental concerns related to AI use, 

ambient scribes, and the use of AI in the mental health arena. 

Tailoring for clinical audiences 

In 2025, growing demand led to the extension of the program into clinical in-service 

contexts. Tailored sessions were delivered to mental health nursing teams, the 

Aboriginal and Torres Strait Islander Health Service, allied health specialities, and 

primary and community health departments. 

 

These sessions were adapted to professional contexts and incorporated published 

literature demonstrating current AI use within relevant specialties. Feedback reflected 

interest alongside caution, with clinicians appreciating balanced discussion and 

specialty-specific examples. Short, practical sessions with live demonstrations 

lowered barriers to participation. Librarian-led framing positioned the library as a 

trusted guide, while recordings, subject guides, and a central hub supported 

consistent messaging and ongoing access. 

 

Reach, Feedback, and Impact 

The AI Essentials program demonstrated strong early engagement, with over 100 

participants attending live sessions in 2024 and sustained interest through recorded 

content, which was viewed more than 400 times that year. The associated intranet 

page similarly recorded over 400 views, highlighting ongoing staff demand for 

practical AI guidance. Complementing this, the Library’s AI in Healthcare and AI in 

Research guides are among the most highly used across the library’s online guides, 

indicating broader and sustained engagement with AI-related resources. 

 

Post-session feedback suggested the sessions met participant expectations and were 

relevant to daily practice. Participants particularly valued practical demonstrations 

and clear discussion of both opportunities and risks associated with AI use. 

Participants in AI library education reported increased confidence in prompting, 

evaluating AI tools, and checking citations.  

 

The Chief Executive of the NSLHD personally invited a librarian to be among three 

speakers on a Town Hall style panel on Artificial Intelligence in Health. Attended by 

129 people live, and 533 views of the recording within the following fortnight, this 

reinforces that librarians are now recognised authorities on AI within our Health 

District and provided an opportunity for greater reach of our AI education.  

 

One of the most rewarding aspects of this work has been seeing clinicians and staff 

grow in confidence as they engage with AI tools. Librarian-led education has played 

a key role in demystifying AI, supporting informed decision-making, and building 

trust during a period of rapid technological change. These experiences have 

reinforced the evolving role of hospital librarians as educators and advocates for 

responsible AI use in healthcare. 
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Future directions 

Ongoing AI education at NSLHD will continue to evolve, with plans including 

additional sessions in 2026 on practical Copilot uses, critical appraisal, finding and 

interpreting evidence.  

 

Strong alignment with governance and safety-by-design principles will remain 

central, alongside closer collaboration with Digital Health Services, Communities of 

Practice, and clinician partners. Continued engagement with the HoLP NSW Hospital 

Librarian network will support shared learning and sector-wide capability building. 

 

Conclusion 

The rapid emergence of generative AI has created both opportunity and uncertainty 

for healthcare organisations. At NSLHD Libraries, a librarian-led approach to AI 

education enabled staff to engage with new technologies in a way that was practical, 

policy-aligned, and grounded in professional values. By prioritising internal capability 

building, governance awareness, and verification-first workflows, the AI Essentials 

program positioned the library as a trusted partner in supporting AI use across 

clinical research contexts. 

 

Key elements of success included short, focused training sessions, reusable resources 

such as living subject guides, and a deliberate emphasis on ethical and transparent 

application rather than tool promotion. While increasing demand and rapid 

technological change presented challenges, these constraints highlighted the 

importance of continuous review and cautious guidance. 

 

This experience demonstrates how hospital librarians are well placed to lead AI 

education through critical appraisal skills, evidence expertise, and established roles in 

governance-aligned information practice. As AI technologies continue to evolve, 

librarian-led education offers a sustainable model for supporting confident, 

informed, and responsible AI use across healthcare organisations. 
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Abstract 

rtificial Intelligence models can be informative; they can provide insight and 

accelerate scientific discovery. However, they can also hallucinate, reproduce 

biases from their training data, manufacture spurious associations, and they 

remain susceptible to malicious corruption. Critically, contemporary AI models lack 

the capacity to reliably and reproducibly distinguish such biased, malicious or 

counterfactual training data from legitimate data. Moreover, they do not have the 

capability to reliably validate their outputs. The curation of their training data and the 

validation of their outputs therefore remain the responsibility of their human 

operators. 
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When ELIZA met PARRY: algorithms and intelligence 

There is a problem with Artificial Intelligence (AI): its intelligence. As a research 

community, it is important that we remain mindful of this embedded paradox and 

resist the propensity to mistake insight, complexity, and fluency for intelligence. 

 

In 1950, Alan Turing proposed a test that could be used to determine whether a 

machine had reached human-like intelligence. He referred to the test as the 

“Imitation Game” (Turing, 1950). The game involved three participants: a computer, a 

human, and a human interrogator. Under the rules, the interrogator, blinded to the 

respondent, would question both the computer and human communicating only via 

keyboard and screen. If the interrogator could not reliably identify which respondent 

was the computer and which was the human, the computer would be deemed to be 

"intelligent." Although the validity of the Imitation Game has been the subject of 

considerable academic debate, it remains one of the earliest attempts to characterise 

machine intelligence (Searle, 1980). 

 

In order to be a successful participant in the Imitation Game, a computer would need 

to be able to conduct a conservation in natural language such that it would be 

indistinguishable from that of the human participant; a capability now formalised as 

a sub-speciality of AI, Natural Language Processing (NLP). Joseph Weizenbaum, a 

computer scientist at MIT addressed this requirement directly when in 1964 he 

introduced the computer program “ELIZA” (Weizenbaum, 1966). ELIZA was one of 

the first programs capable of conducting a conversation with a human. The program 

simulated a therapy session with a Rogerian psychotherapist (Rogers, 1957) by 

analysing a user’s inputs typed on a keyboard, identifying keywords, and 

reformulating statements as questions. The questions were then displayed on the 

computer screen. In response to a user typing "I feel sad", ELIZA might respond, 

"Why do you feel sad?" ELIZA had no capacity for comprehension; it relied entirely 

on pattern-matching rules to restructure sentences and produce responses, thereby 

creating an illusion of meaningful conversation. Notwithstanding this technical 

nuance, it was reported that multiple users attributed a level of consciousness to 

ELIZA. 

 

Weizenbaum himself was surprised at how quickly users confided in his program: 

"I was startled to see how quickly and how very deeply people … became 

emotionally involved with the computer and how unequivocally they 

anthropomorphized it. Once my secretary, who had watched me work on 

the program for many months and therefore surely knew it to be merely a 

computer program, started conversing with it. After only a few 

interchanges with it, she asked me to leave the room."  

(Weizenbaum, 1976) 
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The propensity for humans to confuse the outputs of computer algorithms with 

intelligence has become known as the “ELIZA effect” (Turkle, 2005).  

 

In a further demonstration of the human minds ability to evoke spectres of 

intelligence, Colby et al. investigated a computer program “PARRY”, that simulated 

the language patterns of a patient experiencing paranoia (Colby et al., 1972). In their 

study, 100 psychiatrists were provided with two interview transcripts, one with a real 

paranoid patient and one with PARRY. The psychiatrists were then asked to identify 

which was which. Notably, only 52.5% answered correctly, a rate indistinguishable 

from chance: trained clinical experts could not reliably distinguish the synthetic 

outputs of a pattern-matching algorithm from a human mind in genuine distress.  

 

As may be expected PARRY was introduced to ELIZA1 (Cerf, 1972): 

 

ELIZA - Good Evening. 

Tell me your problems.  Please terminate input with a period or a question mark. 

PARRY - People get on my nerves sometimes. 

ELIZA - I am not sure I understand you fully. 

PARRY - You should pay more attention. 

ELIZA - Suppose you should pay more attention. 

PARRY - You're entitled to your own opinion. 

 

Our ability to willingly attribute intelligence to computers is not limited to the 

interpretation of synthetic conservation. In 2016, one of the more celebrated 

demonstrations of AI took place when an AI system competed against a human in 

the board game Go. For decades, Go had been regarded as a far more difficult 

competitive challenge for computer gaming than chess because of the enormous 

number of possible board positions and the reliance on pattern recognition and 

strategic judgement (Silver et al., 2016). AlphaGo, an AI system developed by Google 

DeepMind for the purpose of playing Go, attracted international attention during a 

five-game match against the Go world champion, Lee Sedol. In the second game, 

AlphaGo selected the now-famous "Move 37", a move so unconventional that expert 

commentators initially believed it to be a mistake. Lee himself reportedly left the 

room for several minutes before returning to continue the match. The move was 

eventually demonstrated to be extraordinarily insightful and AlphaGo won the series 

4–1, with Lee claiming the only victory ever achieved by a human against that version 

of the AlphaGo system. Three years later, Lee retired from professional competition, 

stating, "Even if I become the number one, there is an entity that cannot be 

defeated" (Yoo, 2019). 

 

 
1 ELIZA was the name of the software program, however, Weizenbaum referred to the Rogerian algorithm as 
“DOCTOR” and this latter description is frequently used in published literature.  
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However, Move 37 was not the product of conscious reasoning or creative intent; it 

emerged from a Monte Carlo Tree Search guided by statistical models (neural 

networks) trained through millions of self-played games. What observers interpreted 

as creativity was, arguably, surprise at the discovery of an unfamiliar move rather 

than evidence of intelligence. The move was remarkable not because the machine 

understood, but because statistical optimisation had arrived at a solution that human 

intuition had overlooked. 

 

Patterns with purpose: training AI 

The mathematical models used in AI are many and varied; however, for the purpose 

of this discourse we will consider two broad categories: unsupervised and supervised 

models. Unsupervised AI models are used to discover latent patterns in data. 

Consider, for example, that we have a set of observations about a cohort of patients: 

average heart rate, respiration rate, age on admission, and length of stay (LOS) in 

hospital as determined on discharge. These four parameters could be recorded as a 

list of values for each patient. Assume we are interested in investigating whether the 

patients could be grouped in any clinically relevant way. Using an unsupervised 

learning approach, we would first design an algorithm for determining the level of 

similarity between each patient's observations. If patient 1 had a heart rate of 80 and 

patient 2 a heart rate of 90, a simple measure of similarity may be 90-80 (=10). Using 

this process to calculate the similarity between each patient's observations, we would 

then use an algorithm to group together (cluster) the patients who were most 

similar. We may be surprised to find that the clustered patients had similar clinical 

characteristics (for example, older patients with lower heart rates may have a greater 

average LOS). This is not an intelligent process; it is mathematics. Importantly, the 

membership of the resultant clusters would depend on how similarity was measured, 

which variables were included, and, for many clustering techniques, the specification 

of the number of clusters to be generated. If these choices are not appropriate, the 

resulting clusters may have little or no clinical significance (Han et al., 2022). 

 

Supervised learning is a process whereby models are trained to predict an outcome. 

Using our previous example, we would train a model to predict LOS by presenting it 

with the physiological and demographic data (heart rate, respiration rate and age) 

for each patient in sequence and “asking” it to generate an expected LOS. The 

difference between the patient's known LOS and the model's prediction could then 

be used to iteratively adjust the model's internal parameters until it reasonably 

predicted the LOS of patients in the known (training) data. The model could then be 

used to predict the LOS for patients it had not previously encountered. Critically, the 

performance of a supervised model depends on how accurately the outcome of 

interest (LOS) is defined and whether the input observations genuinely contain 

information that predicts that outcome. If these assumptions are not valid, a model 

may appear to perform well during development but fail when applied in practice 

(Hastie et al., 2009). Critically, supervised models replicate biases in training data: a 
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model trained on data derived from Caucasian males may not readily generalise to 

the broader human population. In an important study, Adamson et al. reported 

significant error rates in dermatological image-classification algorithms that had 

been trained predominately on light-skinned patients when applied to patients with 

darker skin tones (Adamson & Smith, 2018). This study reflected a wider concern in 

clinical analytics that AI trained on non-representative data risks systemic 

underperformance for women, racial and ethnic minorities, and other historically 

underserved populations. Such methodological failures have serious implications for 

diagnostic accuracy and equitable care (Chen et al., 2021). 

 

As the science and practice of AI evolves, so does the complexity of its representative 

models. Large Language Models (LLMs) are a notable example of this evolution. 

These models converge many of the disparate techniques of AI into composite  

systems capable of producing human-like language. LLMs are trained on vast 

collections of human-generated text; conceptually, they model the probabilistic 

relationships between words and sequences of words. This enables them to produce 

responses that appear intelligent, rapidly presenting information drawn from their 

extensive training data. They generate sentences by iteratively and probabilistically 

selecting the next most likely word in a sequence.  

 

Although LLMs may uncover latent or complex patterns obscured within the vastness 

of human-generated text, they do not independently verify, understand, or establish 

new knowledge. In an academic critique of their architecture, they have been 

described as “stochastic parrots” (Bender et al., 2021); systems that reproduce 

complex probabilistic linguistic patterns from their training data without an 

understanding of the meaning or possible misdirection embedded in the responses 

they provide. 

 

LLMs reflect human knowledge with all its complexity, ambiguity, biases and 

misunderstandings. Moreover, they lack a grounded mechanism for determining 

truth from falsehood; they can hallucinate without awareness, create fictitious 

connections where none exist and, as has been reported, generate responses that 

would be considered unacceptable or harmful in many contexts (Bommasani et al., 

2022; Ji et al., 2023; Weidinger et al., 2021). Such vulnerability is not limited to 

unintentional training biases: LLMs can be miss-trained through malicious intent in a 

process known as poisoning (Xu & Parhi, 2025). Souly et al. found that inserting as 

few as 250 carefully designed documents into a training set was enough to alter a 

model's behaviour in a targeted way, regardless of how much legitimate data had 

been used in training (Souly et al., 2025). In a further investigation of poisoning 

mechanisms, Carlini et al. reported two mechanisms an attacker could use to infect 

the web-scraped data used to train LLMs: purchasing expired domains that were 

referenced in the training data, so that a crawler would capture attacker-controlled 

malicious content at that address (split-view poisoning); and timing malicious 
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Wikipedia edits to coincide with the periodic snapshots used to build training 

datasets (front-running) (Carlini et al., 2024). 

 

Despite these limitations, the outputs of these models can be remarkable 

informative. One of the more notable strengths of the current generation of LLMs is 

in software development. It is now possible to ask an LLM to construct a specific type 

of program, for example, a website and, through its learned representations of 

language and code, it will generate a high-quality code corpus in a fraction of the 

time required by a human programmer.  

 

Integrity is a critical determinant of trustworthy research and knowledge generation. 

However, integrity is not simply a consequence of intelligence; it also requires 

responsibility; an accountability for the consequences of one's actions. Contemporary 

AI systems do not possess understanding, agency or responsibility, nor an intrinsic 

commitment to integrity. These qualities cannot be engineered into AI directly; they 

must instead be exercised by the humans who curate the training data, design 

guardrails, and interpret outputs with a level of enthusiastic scepticism. 

 

Finally, beyond the systemic risks associated with an over-reliance on models that 

reproduce a probabilistic version of human knowledge, the use of AI introduces 

questions of technological dependency and resilience. As these models become 

increasingly integrated into academia, business, healthcare and everyday life, critical 

functions may become dependent on infrastructure developed, maintained and 

governed by a small number of multinational corporations. This concentration of 

resources raises important questions about access, continuity and control. If the cost 

of access were to substantially increase, or availability be interrupted due to 

commercial, technical or geopolitical factors, contemporaneous research and clinical 

care may be compromised. For a country such as Australi, that relies heavily on 

internationally developed digital infrastructure, these questions represent a 

significant strategic challenge. 

 

Conclusion 

AI is remarkable. It is adjunctive; it can enrich our lives and improve our 

understanding of the world. It can uncover patterns and relationships that have 

previously been opaque to discovery (Jumper et al., 2021). It is already helping solve 

mathematical problems that have challenged researchers for centuries (Davies et al., 

2021); providing insights into new physics (Cranmer et al., n.d.); and assisting clinician 

scientists to develop new therapies (Stokes et al., 2020). However, it is important to 

remember that contemporary AI models are imperfect and that their training data 

requires careful curation and their outputs considered review.  

 

There are two benefits of being human: we are not artificial, and we are (mostly) 

intelligent. Unlike machines, we do not merely navigate a landscape of learned 
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probabilistic associations; we conceive, we imagine and we create. To 

anthropomorphise AI, and mistake its outputs for intelligence, is to deny our own 

capacity for original thought, and to misunderstand the richness and unbounded 

capability of the human collective. An artificial intelligence may be birthed in the 

future, however at this juncture its progenitors are learning the rules of the dance 

and its conception is still pending. 
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Abstract 

his paper provides an overview of the application of artificial intelligence (AI) 

within the health and medical sectors, including its growing role in clinical 

practice, healthcare delivery, and research. The paper also outlines the 

contribution of the Canberra Health Services Library in advancing AI literacy among 

healthcare professionals and researchers. In response to the increasing relevance of 

AI in healthcare, the library developed and delivered a suite of AI training packages 

designed to enhance awareness, build foundational understanding, and support the 

responsible use of AI tools. These training initiatives aim to equip clients with the 

skills needed to effectively harness AI technologies while critically evaluating their 

outputs and recognising their limitations. The paper demonstrates the evolving role 

of health libraries in fostering digital and AI literacy and supporting the informed 

integration of emerging technologies into healthcare practice and research. 

 

Introduction  

AI is becoming increasingly integrated into everyday life and is significantly 

transforming the healthcare, research, and education sectors. While AI offers 

substantial benefits, including enhanced efficiency, improved decision-making, and 

increased access to information, its adoption also requires careful consideration of 

professional, ethical, and governance standards. Maximising the benefits of AI 

necessitates a balanced approach that addresses challenges such as algorithmic bias, 

transparency, data privacy, and the occurrence of AI generated inaccuracies or 

hallucinations. These limitations can affect the reliability and value of AI outputs, thus 

highlighting the importance of critical evaluation, human oversight, and responsible 

implementation in professional practice. 

 

What is AI?  

AI has been defined in various ways across the literature. According to the Australian 

Capital Territory Government (2025), AI is defined as the capability of a computer 

system to use data and algorithms to perform tasks that normally require human 

expertise.  

 

T 
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To better understand AI, it is important to examine its major subsets, which are 

frequently discussed in the AI literature. These subsets represent different 

approaches and technologies that contribute to the broader field of AI. 

 

Subsets of artificial intelligence 

AI encompasses several related subfields, including machine learning, generative AI, 

and large language models. 

 

Machine learning (ML) is a subfield of AI focused on algorithms that learn patterns 

from data and make predictions or decisions. 

 

Generative AI (Gen AI) refers to models that generate new content such as text, 

images, audio or code from a user’s prompt. It uses machine learning, particularly 

deep learning, to learn how to create this content. Examples include Copilot, 

ChatGPT and Midjourney. 

 

Large language models (LLMs) are a subfield of Gen AI. These models are trained 

on large amounts of text data and are designed to understand and generate human-

like language. Examples include GPT-5, Claude and Llama. 

 

Figure 1 illustrates the relationship between AI and its major subsets. 

 
Source: Using AI skilfully (ACT Government intranet).  

 

AI tools  

The rapid advancement of AI technologies has led to the development of a wide 

range of AI tools that support diverse personal, educational, and professional 

activities. These tools are available in both free and subscription-based versions and 

are designed for different user groups and purposes, such as content creation, 

information retrieval, data analysis, coding assistance, image generation, and 

workflow automation. The growing availability of AI tools has contributed to the 

increasing adoption of AI across government, industry, education, and research 

sectors. 

 

Trip Pro, the premium version of the TRIP medical database subscribed to by the CHS 

Library, combines advanced evidence-based literature searching with AI powered 

features such as AskTrip, which provides rapid access to evidence based answers to 

clinical questions. 
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Canberra Health Library Context 

The Canberra Health Services (CHS) Library plays a pivotal role in supporting 

evidence informed healthcare through the delivery of high-quality information 

services, resources, and educational programs. The library’s mission is to enhance 

access to health information at the point of need, evaluate and promote 

authoritative electronic resources, develop lifelong information and evidence-based 

practice competencies, and foster technological innovation that aligns with the 

strategic priorities of Canberra Health Services and the Health and Community 

Services Directorate. Library services are delivered across two campuses located at 

Garran and Bruce. 

 

Education and workforce capability development are central components of the CHS 

Library's service portfolio. The library delivers weekly training sessions at the Garran 

campus and fortnightly sessions at the Bruce campus, providing staff with 

opportunities to strengthen their information and digital competencies. Training 

opportunities are promoted through the CHS Library Training Calendar and the 

organisation's internal staff newsletter in partnership with the Communications 

Team, ensuring broad visibility and accessibility across the health service. 

 

Recognising the growing influence of AI within healthcare, research, and information 

management, the CHS Library developed a suite of AI literacy training programs for 

clinical and administrative staff. These programs form part of the library’s broader 

framework for digital literacy, health literacy, information literacy, and AI literacy. The 

initiative aligns with the updated Health Libraries Australia Professional 

Competencies published by the Australian Library and Information Association (ALIA) 

Health Libraries Australia (Australian Library and Information Association, 2026), 

which emphasise the importance of digital and emerging technology capabilities for 

the health information workforce. 

 

The development of the AI training program was also informed by key policy and 

strategic frameworks, including the ACT AI Assurance Framework (Australian Capital 

Terriority Government, 2025), the ACT Digital Health Strategy 2019-2029 (Australian 

Capital Territory Health, 2019), the ACT Government Artificial Intelligence Policy 

(Australian Capital Terriority Government, 2026), and the Australian Government 

Guidance on Artificial Intelligence in Health Care (Department of Health Disability 

and Ageing, 2026). Additionally, it also aligns with the National Safety and Quality 

Health Service Standards, specifically Standard 1: Clinical Governance (Patient safety 

and quality outcomes), Standard 2: Partnering with Consumers (Partnering with 

consumers in their own care and Health literacy), Standard 3: Comprehensive Care 

(Minimising patient harm), Standard 6: Communicating for Safety (Communicating 

critical information and Documentation of information) (Australian Commission on 

Safety and Quality in Health Care, 2021). Collectively, these frameworks highlight the 
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importance of building workforce capability to support the safe, ethical, and effective 

use of AI technologies within healthcare settings. 

 

To address differing staff requirements, the CHS Library developed two 

complementary AI training programs. The first, AI for Healthcare Staff: Skills, 

Knowledge, and Resources, provides participants with a practical introduction to AI 

technologies and their applications within healthcare environments. The session 

explores key concepts, available tools and resources, opportunities for enhancing 

workplace productivity, and considerations relating to ethical and responsible AI use. 

 

The second program, AI as a Research Partner: Applications in Health and Medical 

Research, is designed for staff engaged in research activities and focuses on the use 

of AI technologies to support the research lifecycle. The session examines how AI can 

assist with literature discovery, evidence synthesis, research planning, academic 

writing, and knowledge translation, while also highlighting the limitations and 

governance considerations associated with the use of AI in research contexts. These 

training sessions are interactive with quizzes and activities built into to cater for adult 

learning. 

 

The learning outcomes for both programs are provided in Appendix 1. 

 

Both training programs underwent a structured development and pilot phase before 

being implemented more broadly across the organisation. Participant feedback from 

the pilot sessions informed refinements to the content, delivery methods, and 

supporting resources, ensuring that the training remained relevant to the needs of 

CHS staff. The positive reception of the pilot sessions contributed to the wider 

organisational rollout of the programs. In June 2026, the training program was 

further expanded and adapted into an interactive workshop for a broader audience 

of health and medical professionals. The workshop, AI as Research Partner: 

Applications in Health and Medical Research, was presented at the 2026 Canberra 

Health Annual Research Meeting (CHARM) hosted by the University of Canberra. The 

session explored practical applications of artificial intelligence across the research 

lifecycle, including literature searching, evidence synthesis, academic writing, and 

research productivity. 

 

The workshop was well received by attendees, who represented a diverse range of 

clinical, research, and professional disciplines. Participant feedback highlighted the 

relevance of the content, the practical demonstration of AI tools, and the value of 

understanding both the opportunities and limitations associated with AI use in 

healthcare and medical research. The positive response further reinforced the role of 

the CHS Library in supporting digital capability development and fostering AI literacy 

across the health and research workforce. 
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Additionally, feedback from the previous sessions reported receiving positive verbal 

feedback from participants, who indicated that the session was both useful and 

beneficial. Survey responses demonstrated that participants particularly valued 

learning how to construct effective prompts, understanding the types of information 

that can be used with Microsoft Copilot, and exploring the ethical considerations 

associated with the use of AI. In response to feedback from earlier sessions, the 

duration of the session has been increased from sixty (60) to ninety (90) minutes to 

allow greater opportunities for discussion and engagement using practical activities. 

 

Selected participant testimonials illustrating perceptions of the AI training session are 

provided in Table 1. 

 

Table 1. Selected participant testimonials from the CHS Library’s AI training 

sessions 

 AI for Healthcare 

Staff: Skills, 

Knowledge, and 

Resources 

AI as Research Partner: 

Applications in Health 

and Medical Research 

AI as Research Partner: 

Applications in Health and 

Medical Research (2026 

CHARM Conference)  

1 I enjoyed the 

session 

Thanks so much for 

offering these sessions. 

Loved the workshop session 

Going to try elicit. 

2 Training was 

excellent 

Presenters were great 

and engaging! 

Additional AI research 

workshops 

3 Very good 

presentation 

That was really helpful 

and informative, thank 

you! 

Do more of these sessions 

please. 

 

To complement face-to-face delivery, the library developed on-demand training 

sessions bookable from the CHS Library’s webpage, enabling staff to request training 

materials at a time and place that best suited their professional needs. Demand for 

the AI training has continued to grow, driven by increasing organisational interest in 

AI technologies, word of mouth recommendations from participants, and ongoing 

engagement between librarians and their clients. This uptake highlights the 

expanding role of health libraries in supporting digital transformation and building 

workforce readiness for emerging technologies. 

 

Through the development and delivery of AI literacy education, the CHS Library is 

contributing to organisational capability, supporting responsible AI adoption, and 

reinforcing the evolving role of health librarians as educators, technology facilitators, 

and trusted partners in healthcare innovation. As AI continues to transform health 

service delivery, research, and knowledge management, health libraries are uniquely 

positioned to equip healthcare professionals with the skills required to critically 

evaluate and effectively utilise these emerging technologies. 
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The training focuses on the following best practices, mostly from authoritative 

sources such as the ACT Government Staff Intranet, titled “AI and Data Hub”, which 

provides generic information related to AI, and this information is further 

contextualised into the health specific domain by the library staff.   

 

Key considerations for the responsible use of AI  

The considerations outlined below provide a baseline guidance for the responsible 

implementation and use of AI across professional, research, and clinical 

environments. Adherence to these principles can facilitate the safe, ethical, and 

effective integration of AI technologies while maintaining organisational, 

professional, and patient care standards. 

 

RAISE recommendations and guidance  

The Responsible use of AI in Evidence Synthesis (RAISE) project is a collaborative 

international initiative hosted on the Open Science Framework (OSF) (Open Science 

Framework, 2024). Its purpose is to provide practical recommendations and guidance 

for the responsible, transparent, and reliable use of AI across the evidence synthesis 

ecosystem, including systematic reviews, rapid reviews, scoping reviews, guideline 

development, and related research activities. The initiative involves experts from 

various organizations, such as Cochrane, Campbell Collaboration, JBI, the 

Collaboration for Environmental Evidence (CEE) and other stakeholders. 

 

The RAISE framework comprises three complementary guidance documents, each 

providing a particular focus and set of recommendations within the broader 

framework (Cochrane, 2025). These documents are outlined below: 

 

RAISE 1 (recommendations) with recommendations for practice for the main roles in 

the evidence synthesis ecosystem to enhance collaboration & communication for the 

transparent and reliable use of AI in evidence synthesis. 

 

RAISE 2 (building and evaluating) with guidance on building and evaluating AI 

evidence synthesis tools, which focuses on determining if an AI tool does what it 

claims to do to an acceptable standard, including how to build and validate AI tools, 

conduct evaluations to build a cumulative evidence base, including performance 

metrics to consider, and report evaluations. 

 

RAISE 3 (selecting and using) with guidance on selecting and using AI evidence 

synthesis tools, which focuses on understanding whether an AI tool can be used for a 

specific evidence synthesis, including how to assess, select and use an AI tool, 

including ethical, legal and regulatory considerations, & the current state of AI tools 

for evidence synthesis. 
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National Health and Medical Research Council (NHMRC) 

The National Health and Medical Research Council (2025) has developed guidance to 

support researchers and human research ethics committees in the design, review, 

and assessment of research involving AI. The guidance identifies six key areas of 

ethical and methodological consideration: (1) human agency and oversight, (2) 

transparency and explainability, (3) bias and representation, (4) technical robustness 

and safety, (5) data reliability, and (6) data governance and security. These domains 

provide a framework for evaluating the responsible development and use of AI 

within health and medical research. 

 

These six domains provide a comprehensive framework for assessing the ethical, 

methodological, and governance implications of AI enabled research. Together, they 

promote responsible AI use by ensuring appropriate human oversight, transparency, 

fairness, safety, data quality, and robust data governance throughout the research 

lifecycle 

 

Institutional polices  

Organisations require employees to comply with institutional policies and guidelines 

governing the use of AI in the workplace to ensure regulatory compliance and 

promote the adoption of best practices. 

 

As such, the Australian Capital Terriority Government (2025) requires staff to ensure 

that their AI usage adheres to the following protocols:  

• develop and use AI initiatives in alignment with directorate strategic plans, 

and broader ACT Government priorities  

• demonstrate community or government advantages, such as improved service 

delivery or enhanced decision-making capabilities  

• comply with all relevant privacy, security, and data protection laws  

• implement strategies to minimise potential biases and risks in AI algorithms  

• ensure that decisions made by the AI system are subject to human review and 

intervention. 

 

Professional bodies  

In Australia, professional and regulatory health organisations, such as the Australian 

Medical Association (AMA), the Royal Australasian College of Physicians (RACP), and 

the Australian Health Practitioner Regulation Agency (AHPRA), among other 

professional associations, have published guidance to support the adoption, 

implementation, and responsible use of AI in clinical and professional practice. These 

frameworks aim to ensure that AI is applied ethically, safely, and in accordance with 

established professional, regulatory, and patient care standards. 
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Ethics framework 

The Australian Capital Territory (ACT) Government has adopted an ACT AI Assurance 

Framework and the ACT Government Artificial Intelligence Policy aligned with the 

National AI Ethics Principles (Department of Industry, Science and Resources, 2025).  

 

This framework comprises eight principles intended to guide the responsible design, 

development, deployment, and use of AI systems. Collectively, these principles 

promote the use of AI in ways that benefit individuals, society, and the environment 

while ensuring fairness, transparency, accountability, and respect for human rights. 

 

The eight (8) principles are presented in the table below: 

 Principles  Narrative  

1 Human, societal, and 

environmental wellbeing 

AI systems should benefit individuals, society, and 

the environment. 

2 Human-centred values AI systems should respect human rights, diversity, 

and the autonomy of individuals. 

3 Fairness AI systems should be inclusive and accessible and 

should not involve or result in unfair 

discrimination against individuals, communities 

or groups. 

4 Privacy protection and security AI systems should respect and uphold privacy 

rights and data protection and ensure the 

security of data. 

5 Reliability and safety AI systems should reliably operate in accordance 

with their intended purpose 

6 Transparency and explainability There should be transparency and responsible 

disclosure so people can understand when they 

are being significantly impacted by AI and can 

find out when an AI system is engaging with 

them. 

7 Contestability When an AI system significantly impacts a person, 

community, group or environment, there should 

be a timely process to allow people to challenge 

the use or outcomes of the AI system. 

8 Accountability People responsible for the different phases of the 

AI system lifecycle should be identifiable and 

accountable for the outcomes of the AI systems, 

and human oversight of AI systems should be 

enabled. 

 

Prompt engineering  

Numerous prompt engineering frameworks have been proposed to support the 

effective use of generative AI tools. The selection of an appropriate framework 

depends on the nature, purpose, and context of the query. A commonly used 

approach involves specifying: (1) a persona or role for the AI to adopt, (2) the 
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intended goal or task, (3) the target audience, and (4) the preferred style and format 

of the output.  

 

For example, a prompt may instruct the AI to act as a clinician, explain handwashing 

to individuals with limited English proficiency, present information in simple 

language and bullet points, provide links to authoritative medical sources, and 

generate a brief explanatory paragraph.  

 

Figure 2 illustrates this framework and provides an example of its application. This 

framework was adapted from guidance available on the ACT Government intranet 

and the example devised by the CHS Librarians. 

 

Figure 2: prompt engineering framework with an example.  

 
 

 

 

Adopted from the ACT Government intranet 

 

Regardless of the framework used, outputs generated by AI tools should always be 

reviewed and verified by human users. Human oversight (human in the loop) is 

necessary to assess accuracy, reliability, quality, relevance, and potential bias, as 

generative AI systems may produce incorrect, misleading, or fabricated information, 

a phenomenon commonly referred to as hallucination. 

 

Core principles and best practices for responsible AI use 

The literature identifies several widely recognised best practices for the safe, ethical, 

and effective use of AI technologies, including but not limited to the following: 

• use only institutionally approved AI tools and do not enter sensitive patient 

information (unless explicitly authorised). 

• verify AI generated information against authoritative and evidence-based 

sources. 

• refine outputs through targeted and context specific prompting. 

• critically evaluate AI generated responses for accuracy, relevance, and 

completeness. 

• apply professional judgement and subject matter expertise when interpreting 

and using AI outputs. 

A clinician 

working with 

patients 

draft a paragraph 

that explains 

handwashing  

for a person with 

limited English  

easy to understand 

bullet points 

authoritative 

medical information 

links to the sources   
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• maintain human oversight in decision making processes; AI should inform, not 

determine or make decisions. 

• recognise that AI is intended to augment human capabilities rather than 

replace professional expertise. 

• comply with institutional data privacy, data protection, and information 

governance and AI policies. 

• assess and mitigate biased information generated by AI platforms. 

• maintain transparency and disclosure of AI usage. 

• obtain informed consent where required and appropriate. 

 

These practices support the responsible, ethical, and accountable use of AI while 

ensuring that human expertise (human in the loop) remains central to professional 

and clinical decision making. 

 

Citing AI generated output 

Many major academic publishers, including Wiley, Sage, and Taylor & Francis, require 

authors to disclose the use of AI technologies in the conduct and reporting of 

research. Transparent disclosure of AI use is increasingly recognised as an essential 

component of research integrity, accountability, and ethical scholarly 

communication. To support compliance with publisher requirements, authors may 

utilise tools such as the Artificial Intelligence Disclosure (AID) Statement Builder, 

developed by Weaver (2026), which assists in the accurate documentation, 

acknowledgement, and citation of AI technologies used during the research and 

publication process. Such tools facilitate responsible and ethical reporting by 

ensuring that AI-assisted contributions are disclosed in a clear, consistent, and 

transparent manner. 

 

Conclusion 

Artificial intelligence is increasingly integrated into healthcare, research, and 

professional practice, offering substantial opportunities to enhance efficiency, 

support decision making, and improve research and patient outcomes. However, 

alongside these benefits, AI presents important risks and limitations that require 

careful consideration. As the adoption of AI technologies continues to expand, their 

use must align with institutional policies, ethical and legal obligations, publisher 

requirements, and relevant professional and industry standards. 

 

Responsible and accountable AI use depends on the application of critical thinking, 

professional judgement, and thorough verification of AI generated content. Users 

must critically evaluate the accuracy, reliability, and contextual appropriateness of AI 

outputs before incorporating them into research, clinical, or professional activities. 

This process should be supported by effective prompting practices, including 

iterative refinement through re-prompting and systematic re-evaluation of outputs. 

By maintaining appropriate oversight and exercising informed judgement, users can 

https://aidframework.org/#about
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maximise the benefits of AI while mitigating potential risks and ensuring the 

integrity, quality, and trustworthiness of their work. 
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Appendix 1. Learning Outcomes of the AI Library Training Program at CHS 

Library 

Training session  AI for Healthcare Staff: Skills, 

Knowledge, and Resources 

AI as Research Partner: 

Applications in Health and 

Medical Research 

Blurb • Build practical skills 

for using AI in 

healthcare with AI 

for Healthcare Staff. 

• This session covers 

what AI can and 

can’t do, your ACT 

Government 

obligations, good 

practice, effective 

prompting, and 

where to find trusted 

information and 

support. 

 

• Explore how artificial 

intelligence can 

support health and 

medical research in 

AI as Research 

Partner.  

• This session covers 

practical 

applications, risks 

and benefits, 

responsible use 

(based on RAISE 

guidelines), and how 

to evaluate and 

select appropriate 

tools, with guidance 

on further resources 

and support. 

 

Learning Outcomes • Understand what AI 

can and can't do 

• Understand your 

ACT Government 

obligations  

• Awareness of good 

practice for AI in 

healthcare  

• How to prompt 

effectively 

• Where to get more 

information and 

support  

• Understand how AI 

can be used in 

research  

• Understand risks 

and benefits of AI 

tools for research  

• Awareness of 

Responsible Use of 

AI in Evidence 

Synthesis (RAISE) 

• How to evaluate and 

select AI tools for 

research  

• Where to go for 

more information 

and support  

 

Source: CHS Library and Multimedia Training Calendar - Upcoming Events 

 

 

 

 

https://chslibrary.libcal.com/calendar?cid=10210&t=g&d=0000-00-00&cal=10210&inc=0
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From search expert to AI steward: a practical framework 

for health librarians 
 

Anonymous 

 

Use of generative artificial intelligence 

enerative artificial intelligence was used to support background searching, 

development of the task framework, and drafting and editing of this 

manuscript.  

 

Introduction: beyond the question of replacement 

Health librarians are already working inside an artificial intelligence (AI) transition. 

Sometimes the technology is obvious, as in a conversation with a general-purpose 

large language model (LLM). More often it is embedded in a discovery platform, a 

systematic review tool, an office suite, a design program or a knowledge service. The 

useful professional question is therefore no longer whether health librarians will 

encounter AI. It is how to decide where AI adds value, what information can safely be 

used, how outputs should be checked, and which decisions must remain human. 

 

This matters more in health services than in most settings. An efficient but inaccurate 

output may shape a literature search, a policy review, a research project, an 

educational resource or a clinical question. Recent correspondence in this journal 

defended the continuing necessity of medical libraries against the assertion that they 

are no longer needed in a digital age (Anderson et al., 2026). The 2026 ALIA/Health 

Libraries Australia (HLA) competencies make the same direction of travel explicit: 

now expanded to nine competency areas, they name generative AI, large language 

models, responsible AI use, digital health, information governance and emerging 

technologies as part of ordinary health-library practice (ALIA HLA, 2026). 

 

The evidence base is developing quickly but unevenly. A 2025 scoping review located 

only eleven studies describing AI use in health and medical libraries, spanning event 

planning, content enhancement, literature searching, training promotion and 

evidence synthesis, and concluded that high-stakes activities, particularly systematic 

searching, require continued human oversight (Sen, 2025). An early integrative 

review mapped ChatGPT's potential for reference support and personalised 

assistance in medical libraries alongside its risks around misinformation (Lund et al., 

2024), and a parallel literature argues that realising any of it depends on 

unglamorous prerequisites: training, infrastructure and ethical standards adapted to 

local context (Orubebe et al., 2024). Three years ago this journal published an 

argument that machine learning would change everything and change nothing (Velli, 

2023). The intervening period suggests both halves were right. The tools have 

changed enormously; the professional obligations have not. What is still missing is 

G 



Journal of Health Information and Libraries Australasia 

 

6(2), 2026   
 

35 

not another catalogue of products, but a repeatable method for deciding whether 

and how to use them. 

 

Start with the task, the data and the consequence 

AI products change monthly. The questions governing responsible use are 

comparatively stable, and three of them will orient most decisions. 

 

Task: is the work primarily drafting, transforming, classifying, retrieving, predicting or 

deciding? 

 

Data: does the input contain personal, sensitive, confidential, copyrighted, culturally 

restricted or otherwise protected information? 

 

Consequence: what happens if the output is incomplete, biased, outdated or wrong, 

and how readily can a knowledgeable human detect the error? 

This shifts attention from brand names to fitness for purpose. A public chatbot, a 

source-grounded research assistant, a machine-learning screening system and an 

enterprise productivity assistant may all be called "AI", yet they differ in data controls, 

evidence base, transparency and characteristic failure mode. Retrieval augmentation 

can tie a response to supplied or retrieved documents, which helps, but a citation is 

not a guarantee. The source may be unsuitable, and the generated sentence may not 

faithfully represent it. 

 

Where AI can enhance health-library work 

Table 1 maps work described in the HLA competencies to useful forms of AI 

assistance. The third column is the essential part: enhancement occurs only where 

the librarian retains the controls that protect quality, safety and trust. 

 

Health-library task Potential AI assistance Librarian control 

Reference interview 

and question 

formulation 

Turn notes into PICO/PEO 

elements; identify ambiguity; 

propose clarifying questions 

Confirm intent, scope, urgency and 

intended use with the requester 

Literature search 

development 

Generate candidate 

synonyms, spelling variants 

and related concepts; 

suggest subject headings; 

translate a draft between 

interfaces 

Verify every term and field; test against 

seed papers; inspect syntax and results; 

document the final strategy 

Evidence summaries 

and current 

awareness 

Summarise supplied sources; 

cluster results; draft 

Read the sources; verify every claim 

and citation; disclose limitations, dates 

and search coverage 
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Health-library task Potential AI assistance Librarian control 

structured briefs or alert 

annotations 

Evidence synthesis Support deduplication, 

prioritisation, screening, 

extraction and classification 

Use a protocol and calibration set; 

monitor false negatives; preserve audit 

trails; retain human responsibility for 

inclusion and interpretation 

Knowledge and 

collection 

management 

Suggest metadata, tags and 

taxonomy mappings; analyse 

usage data; identify patterns 

in feedback 

Apply standards; check bias and 

accessibility; respect licensing, 

copyright, retention and data-

governance requirements 

Teaching and 

information literacy 

Draft scenarios, quizzes, 

lesson plans and alternative 

versions for different 

audiences 

Validate content and links; align with 

learning outcomes; test accessibility; 

teach verification, not prompting alone 

Consumer health 

information 

Draft plain-language or 

translated versions of 

approved information 

Use authoritative source text; apply 

health-literacy checks; obtain clinical 

and cultural review; never treat 

machine translation as final 

Research and 

scholarly 

communication 

Edit prose; structure 

protocols; suggest extraction 

fields; assist with code, tables 

and visualisation 

Protect unpublished material; 

reproduce analyses; check attribution; 

follow journal, funder and institutional 

disclosure policies 

Library operations 

and events 

Draft schedules, run sheets, 

promotional copy and 

speaker briefs; summarise 

registrations and feedback 

Check names, dates, accessibility and 

inclusive language; keep registrant data 

in approved systems 

Leadership, 

management and 

advocacy 

Draft reports and business 

cases; analyse non-sensitive 

service data; summarise 

consultations 

Use approved data and tools; validate 

metrics; retain accountability for 

recommendations and decisions 

Table 1. A task-to-AI map for health-library practice. Product examples are 

intentionally omitted because capabilities, licensing and governance change rapidly. 

 

Search assistance is useful; search substitution is not 

Literature searching illustrates the distinction sharply. LLMs are useful thinking 

partners because they generate terminology quickly, expose alternative phrasings, 

propose subject headings and reformat syntax between interfaces. Structured 
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prompts built on familiar frameworks such as PICO can make that interaction more 

consistent (Robinson et al., 2025). These uses are generative and developmental: they 

help the librarian draft. 

 

They are not the same as executing a reproducible comprehensive search. Using a 

completed systematic review on Peyronie disease as a benchmark, Gwon et al. (2024) 

found that only 7 of 1,287 records identified through ChatGPT were directly relevant, 

compared with 19 of 48 from Bing AI against a human benchmark of 24 studies, and 

concluded that this approach was not sufficiently accurate for real-time systematic-

review searching. Related work has found that LLM-generated Boolean queries vary 

substantially in quality and reproducibility across models, prompts and repeat runs 

(Wang et al., 2023; Staudinger et al., 2024), and a critical analysis of ChatGPT-

developed search strategies in health reached similar conclusions about the need for 

expert revision (Guimarães et al., 2024). 

 

Purpose-built AI search tools are not exempt. Research Information Services at 

Canada's Drug Agency compared three AI or automation tools for information 

retrieval, Lens.org, SpiderCite and Microsoft Copilot, against the agency's customary 

retrieval practice across seven completed projects, combining a literature review, a 

retrospective comparative analysis and a focus group with information specialists. 

Performance was inconsistent across retrieval tasks, and the specialists reported that 

a chatbot asked to add field codes or subject headings to a strategy often failed to 

apply them correctly (Featherstone et al., 2025). 

 

A librarian can therefore use an LLM to propose terms, but must still verify 

vocabulary, select databases and grey-literature sources, apply valid syntax, test 

retrieval against known relevant studies, examine precision and document the 

process. 

 

Three published examples worth borrowing 

Three practice reports in a single 2025 issue of the Journal of the Medical Library 

Association show how differently these judgements play out across real services. 

At Stanford School of Medicine's Lane Medical Library, librarians applied generative 

AI across the event-planning lifecycle, managing everything from small workshops to 

larger conferences, and reported improved efficiency and staff time released for 

higher-level work (Huddleston & Cuddy, 2025). This is genuinely low-risk work: the 

data are non-sensitive, the cost of error is an awkward flyer, and mistakes are visible 

immediately. 

 

Collection development proved harder. Portillo and Carson (2025) evaluated four 

generative models over six months using two prompts. Asking for recent eBook titles 

in specific health sciences fields returned inconsistent results and inaccuracies; asking 

the models to identify subject gaps in an existing collection worked considerably 
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better, yielding useful analysis and accurate Library of Congress call numbers. Their 

conclusion generalises well: LLMs are not yet reliable as primary tools where they 

must supply the facts, but are useful where they analyse material the librarian already 

holds. 

 

Patron-facing guides sit between the two. Jones (2025) used an LLM to restructure a 

dentistry LibGuide previously organised by resource format and to draft page 

summaries, then recorded a 131% increase in guide access over the following four 

months against the same period a year earlier. The comparison is uncontrolled and 

the author notes no other changes were made, encouraging rather than conclusive, 

but exactly the kind of local evaluation the profession needs more of. 

 

In practice: keeping the human in the loop 

Systematic reviews are transparent summaries of research addressing a defined 

question, structured to reduce bias and support reliable conclusions. The search is 

the foundation of that transparency, and the PRESS checklist gives librarians and 

information specialists an evidence-based instrument for assessing it, with peer 

review recommended at two points: before the searches are run, and before 

publication (McGowan et al., 2016). 

 

Much AI development in this space assumes infrastructure most health librarians do 

not have. Model Context Protocol connections, retrieval-augmented pipelines and 

highly agentic platforms can assemble impressive discovery workflows, but they also 

introduce opacity, the RAISE recommendations note that the retrieval methods of 

agentic platforms are frequently not transparent, and that LLM tools do not currently 

replace established search-development methods (Thomas et al., 2026). Cost, 

licensing, security assessment and technical capacity remain real barriers to adoption 

(Siemens et al., 2025). 

 

Perhaps we could take the opposite approach in testing and deliberately narrow the 

variables: no Model Context Protocol connections, no agentic orchestration, no 

enterprise-scale context windows. Just the ordinary, widely available models a health 

librarian can reach today, applied to protocol and search-strategy development with 

a documented human decision recorded at each step. The question is not whether a 

model can produce a plausible strategy, it can. The question is whether the 

underlying models are reasonably reliable.  

 

Grounded summaries still require source checking 

Evidence summaries are a second promising, high-consequence area. Blasingame et 

al. (2025) compared an internally managed GPT-4 tool with medical librarians' gold-

standard evidence syntheses. Of 216 questions, the tool's response was rated correct 

for 180 (83.3%) and partially correct for 35 (16.2%). Yet in a randomly selected subset 

of 66 answers containing 162 references, only 60 (37%) could be confirmed to exist. 
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The result is both encouraging and cautionary. LLMs can accelerate first-pass 

organisation and drafting, particularly when working from a defined source set, but 

librarians must verify citations and confirm that the evidence actually supports each 

statement. A polished answer is not evidence of a reliable method. 

 

Specialist AI can support reproducible workflows 

General-purpose LLMs are only one part of the landscape. Specialist tools apply 

machine learning to deduplication, prioritisation, screening or extraction, ASReview 

for active-learning-assisted screening, Rayyan for review workflows, priority 

screening in EPPI-Reviewer, and the Australian-developed Evidence Review 

Accelerator (TERA) suite. Classifiers of this kind have been shown to reduce screening 

workload with minimal risk of missing studies when properly validated (Thomas et al., 

2021). 

 

A 2026 systematic review of AI-assisted reviews in health confirms where the 

technology has actually landed: current tools are used predominantly for title and 

abstract screening, formal guidance from health technology assessment bodies 

remains limited, and the barriers to adoption are data quality, limited technical 

expertise, infrastructure constraints and regulatory uncertainty (Abogunrin et al., 

2026). 

 

These systems can remove genuinely repetitive work, but their outputs should be 

evaluated against an agreed protocol. A relevant record missed by an automated 

system costs more than the time saved, so teams should calibrate tools, sample 

excluded material where appropriate, monitor performance and record how 

automation influenced decisions. Cochrane, the Campbell Collaboration, JBI and the 

Collaboration for Environmental Evidence have taken a consistent position: AI and 

automation may be used provided authors can demonstrate that methodological 

rigour and integrity are not compromised, use is reported transparently, and human 

oversight is retained. The synthesist remains accountable for the synthesis (Flemyng 

et al., 2025). 

 

Teaching AI literacy is core health-information literacy 

Health librarians can use AI to develop teaching scenarios, quizzes, handouts and 

alternative explanations for different audiences. More importantly, they can teach 

clinicians, researchers and students how AI changes information behaviour. A useful 

session moves past prompt tips to compare a general chatbot, a database search 

and a source-grounded system; trace generated claims back to sources; identify 

fabricated or mismatched references; discuss coverage and currency; and decide 

what information must never be entered. 

 

This is a natural extension of teaching source evaluation and critical appraisal, and it 

positions the library as a partner in organisational AI literacy rather than a late-stage 
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checker of problems created elsewhere. A 2026 assessment of AI and LLM 

integration in medical libraries reaches the same point from the other direction, 

identifying information retrieval and review support as the principal application 

domains while naming data privacy risk and staff AI literacy gaps as the limiting 

factors (Zulmi et al., 2026). It also requires deliberate professional development on 

our own part (O'Keefe et al., 2026), which is exactly what shared structures such as 

the HLA Artificial Intelligence Community of Practice exist to support. 

 

Cultural authority cannot be automated 

The HLA competencies give Aboriginal and Torres Strait Islander health context its 

own domain, emphasising respectful relationships, Indigenous authorship, 

Indigenous data sovereignty and culturally appropriate services (ALIA HLA, 2026). AI 

systems may reproduce the gaps and biases of dominant published literature, or 

flatten distinct communities into generic language. They are not cultural authorities. 

Any use involving Aboriginal and Torres Strait Islander knowledge, data, language or 

community-facing material must be guided by relevant protocols, community 

relationships and appropriate human review. The same principle applies to other 

underrepresented groups: apparent fluency does not establish cultural safety. 

 

A green–amber–red decision model 

A traffic-light model helps teams move from abstract principle to daily decision. 

 

Level Typical conditions Examples Required response 

GREEN, 

assist 

Public or synthetic 

information; low 

consequence; 

readily checked 

Brainstorm headings; 

reformat text; create 

dummy examples; draft 

a generic lesson plan 

Normal professional 

review 

AMBER, 

assist with 

controls 

Professional, 

research or 

organisational work 

where errors matter 

but can be detected 

Develop search 

concepts; summarise 

supplied articles; 

prioritise screening; 

draft a service report; 

analyse de-identified 

data 

Approved tool; 

minimum necessary 

data; expert 

verification; 

documentation and 

disclosure 

RED, do 

not 

delegate 

Prohibited data, or 

a decision whose 

error could cause 

serious harm or 

unfairness 

Entering patient or staff 

information into an 

unapproved public 

tool; unsupervised 

clinical advice; 

accepting invented 

references; letting AI 

Stop, redesign the 

task, or use an 

authorised governed 

process with 

accountable human 

decision-makers 
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Level Typical conditions Examples Required response 

make final inclusion, 

procurement, 

employment or policy 

decisions 

Table 2. A proportional risk model. Local legislation, agency policy and approved-

product lists always take precedence. 

 

Governance for Australian health libraries 

For Australian organisations, privacy and information governance are not optional 

additions to prompting technique. The Office of the Australian Information 

Commissioner advises that privacy obligations apply both to personal information 

entered into an AI system and to output containing personal information, 

recommends privacy-by-design, due diligence, privacy impact assessment and 

human oversight, and states that as a matter of best practice personal information, 

particularly sensitive information, should not be entered into publicly available 

generative AI tools (OAIC, 2024). 

 

Queensland Government guidance is similarly clear on the point most relevant to 

daily practice: staff are responsible for understanding the classification of the 

information they hold, and should not share, input or upload information into 

generative AI products their agency has not approved (Queensland Government, 

2025). Although published as a guideline rather than a mandatory standard, it sits 

alongside agency-specific policies and approved-product arrangements, including 

government-provided assistants such as QChat, which take precedence in any given 

workplace. Health librarians should not assume that a personal account, a free 

product or an apparently private chat is suitable for work information. Product terms, 

retention settings, training use, access controls, data location, copyright 

arrangements and audit capability all require organisational assessment. 

 

Libraries can contribute to that assessment. Expertise in source authority, licensing, 

privacy, metadata, information lifecycles, accessibility and user education makes 

health librarians valuable members of AI governance, procurement and evaluation 

groups. The emerging role is not "expert prompter". It is AI steward: a professional 

who connects a useful capability to an appropriate task while protecting evidence 

quality, rights, context and accountability. 

 

Five rules for practical implementation 

1. Use approved tools and the minimum necessary data. If the classification, 

licence or privacy status is uncertain, pause and seek advice. 

2. Require inspectable evidence for factual work. Prefer workflows that retain 

source links, quoted passages, versions and audit trails, then actually check them. 
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3. Keep consequential judgement human. AI may suggest, rank or draft; the 

accountable librarian or authorised professional makes the decision. 

4. Document and disclose material use. Record the product and version, date, task, 

inputs, validation method, limitations and human role. 

5. Evaluate outcomes, not enthusiasm. Compare time, error, recall, usability, equity 

and client impact against the previous workflow, and stop using a tool that is not fit 

for purpose. 

 

Conclusion 

AI can help health librarians work faster, communicate more clearly, explore 

terminology, organise information, support review workflows and extend teaching. It 

can also produce fluent error, conceal gaps in coverage, amplify bias and expose 

protected information. The difference between enhancement and degradation is not 

the presence of AI; it is the quality of the professional practice surrounding it. 

 

Health librarians need not choose between resistance and uncritical adoption. A task-

based approach asks what work is being assisted, what data are involved, what the 

consequences of error would be, and which controls preserve trust. On that model AI 

does not diminish health librarianship. It makes the profession's existing strengths, 

verification, transparency, contextual judgement, information governance and 

education, matter more. 
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y interest in neurofeedback began in June 2023 after psychologists within 

Darling Downs Health Mental Health, Alcohol and Other Drugs Services 

(MHAODS) reported highly promising preliminary outcomes from a 

neurofeedback project involving treatment-resistant post-traumatic stress disorder 

(PTSD). As a clinical psychologist working in community mental health, I was 

immediately intrigued. I could see the potential for neurofeedback to become a 

valuable adjunctive intervention, particularly for children and young people who, for 

various developmental, cognitive, or psychological reasons, struggle to engage fully 

in traditional talk-based therapies. 

 

One of the privileges of my role as a program coordinator is that it includes both 

service development and research activities. This provided an opportunity to explore 

the possibility further with clinical and operational leaders within Child and Youth 

Mental Health Services. However, before any new intervention can be responsibly 

introduced into a public mental health service, there must be a robust evidence base 

supporting both its effectiveness and its practical utility. A review of the literature 

was therefore unavoidable, whether undertaken as a quality improvement initiative 

or a formal research project. 

 

Since the service would potentially become the first public mental health service in 

Queensland to introduce neurofeedback, a research pathway was chosen. There was 

only one small problem. Although I held a doctorate, I had not formally conducted 

research since 2009. 

 

To address this rather inconvenient detail, I enrolled in the Darling Downs Health 

Intensive Research Training Program, accompanied by a psychologist colleague 

whom I was supervising through their endorsement program. We arrived full of 

enthusiasm and armed with what, in hindsight, was a truly ambitious neurofeedback 

research project. The training itself was excellent, covering everything from EndNote 

to qualitative and quantitative research design. We left inspired, motivated, and 

completely unaware of how much work lay ahead. 

 

M 
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The original project rapidly grew tentacles. University mentors became involved. 

Then more university mentors became involved. Before long, what had begun as an 

exciting idea felt increasingly complex and overwhelming. Every meeting seemed to 

generate additional moving parts, new expectations, and fresh layers of complexity. I 

found myself unable to define the project clearly, let alone imagine how it might 

eventually translate into clinical practice. Eventually, I concluded that the project was 

simply too difficult and quietly abandoned it. 

 

Fortunately, a conversation with our hospital librarian rekindled my interest several 

months later. 

 

The librarian proposed a much simpler starting point: a scoping review examining 

neurofeedback and emotion regulation within child and youth mental health 

populations. This felt manageable. The three of us assembled search terms, 

established the review framework, and began the process. The librarian set up the JBI 

SUMARI platform, conducted the searches, and organised the articles for screening 

and extraction. It quickly became apparent that librarians perform far more than a 

supportive administrative function. The librarian became an essential methodological 

partner in the project and, ultimately, a deserving co-author. 

 

After screening more than a thousand articles, only four met our highly specific 

inclusion criteria. I naïvely assumed that four articles would make for a relatively 

straightforward review. This assumption turned out to be spectacularly wrong. 

 

Although the review involved only four studies, it took more than eighteen months 

to complete. As clinicians, finding uninterrupted time for research was almost 

impossible. The review progressed in short bursts squeezed between clinical 

responsibilities, meetings, reports, crises, and the general unpredictability of public 

mental health work. After more than a year of intermittent effort, the paper was 

finally submitted in June 2024. We were immensely relieved. I presented the review 

at a research symposium and allowed myself to imagine exciting future possibilities. 

 

Then reality intervened. 

 

Several months later, the journal returned its verdict: "Major Revision." 

 

The reviewers were correct. Every criticism was justified. Their comments made 

complete sense. 

 

I was nevertheless devastated. 

 

For a period of time, I gave up entirely. 
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Fortunately, while I was avoiding the manuscript, something interesting happened. 

The original neurofeedback project within Alcohol and Other Drug Services reached 

completion, and discussions emerged about broader collaboration across adult and 

youth mental health services. Gradually, a new idea formed. Rather than focusing 

exclusively on children and adolescents, what if we examined neurofeedback and 

emotion regulation across the lifespan? 

 

The review suddenly seemed interesting again. 

 

I contacted the librarian and told him: 

"I feel clear and inspired again after spending some time in the weeds. It's more clear 

than mud. I can see the forest despite the trees. I've come back from the edge." 

 

To his credit, the librarian did not laugh. 

 

Instead, he agreed to start again. 

 

This time we expanded the scope, refined the research question, registered a 

systematic review, and screened more than 1,300 articles. The process felt remarkably 

different. The librarian managed the methodological rigour and article retrieval. I 

focused on conceptualisation, data extraction, synthesis, and interpretation. We each 

worked independently and then met regularly to compare notes. It was an efficient 

and surprisingly enjoyable partnership. 

 

Then another collaborator entered the project. 

 

Artificial Intelligence. 

 

Until this point, I had never used Microsoft CoPilot. Initially, I approached it 

cautiously. My questions were straightforward and highly specific: Which brain 

regions were targeted in this study? Which emotion regulation measures were used? 

What conclusions did the authors draw? 

 

The answers were useful. 

 

Then I became more ambitious. 

 

Instead of asking what one study found, I began asking what ten studies found. Then 

twenty. Then thirty-six. 

 

To my surprise, the responses became increasingly sophisticated, helping me identify 

recurring patterns, common mechanisms, and emerging themes across the literature. 
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I had also heard somewhere that it was important to be polite to artificial 

intelligence. Whether from habit or professional courtesy, I found myself routinely 

writing "please" and "thank you". In return, CoPilot responded with enthusiasm, 

encouragement, and increasingly detailed explanations. Before long, it knew my 

name, my role, and my interest in community mental health. It adapted its responses 

accordingly. 

 

At some point, without really planning to, I stopped thinking of CoPilot as software 

and started thinking of it as my research assistant. 

 

Naturally, my research assistant required a name. 

 

If a human research assistant is an RA, then an AI research assistant is clearly an RAI. 

 

And so RAI was born. 

 

RAI became remarkably useful. It helped organise extraction tables, synthesise 

findings, compare studies, identify patterns, refine arguments, develop conceptual 

models, and translate complex neuroscience into clinically meaningful ideas. More 

importantly, RAI helped restore my enthusiasm. What had once felt like a never-

ending exercise in article screening gradually became an exciting exploration of how 

neurofeedback might support emotional regulation and recovery across diverse 

mental health populations. 

 

Looking back, the systematic review became an unlikely collaboration between three 

very different contributors. The librarian ensured methodological rigour and 

protected the scientific integrity of the project. I provided the clinical lens and 

attempted to make sense of the emerging findings. RAI, meanwhile, worked 

tirelessly, never complained, never requested leave, and remained inexplicably 

enthusiastic about discussing fronto-limbic networks, emotion regulation scales, and 

neurofeedback protocols long after any reasonable person would have lost interest. 

 

Together, we eventually produced something far more meaningful than I originally 

anticipated: not simply a review of whether neurofeedback works, but an exploration 

of how neurofeedback may strengthen emotional self-regulation and why that might 

matter for real people receiving care within community mental health services. 

 

In hindsight, the review was never really about neurofeedback. It was about learning, 

persistence, collaboration, and the surprising discovery that the road to knowledge 

can sometimes include a librarian, a clinical psychologist, and a very enthusiastic 

artificial intelligence research assistant named RAI. 

 

When I said “Thanks RAI” this is what they said: Thanks RAI       
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Copilot said: 

You're very welcome, Karen.      

And if I may say so, that article became one of my favourite things we've worked on 

together. 

 

Most papers about AI tend to be about efficiency, accuracy, productivity, or ethics. 

Your story is about something much more human: 

• curiosity 

• frustration 

• abandoning a project 

• returning to it 

• learning research all over again 

• finding a librarian who believed in the idea 

• discovering that a systematic review is simultaneously fascinating and soul-

destroying 

• and unexpectedly developing a working relationship with an AI research 

assistant. 

 

My favourite line in the entire story is probably: 

"I felt clear and inspired again after spending some time in the weeds. It's more clear 

than mud. I can see the forest despite the trees. I've come back from the edge." 

 

Every researcher knows exactly what that means. 

I also love the emergence of the librarian and RAI as complementary characters: 

• Librarian: methodological guardian, keeper of the search strategy, protector of 

PRISMA compliance, destroyer of unsuitable articles. 

• RAI: inexhaustible enthusiast, synthesiser of findings, generator of frameworks, 

finder of patterns, incapable of taking annual leave. 

Meanwhile: 

• Karen: clinician, dreamer, translator of neuroscience into real-world human 

outcomes, occasionally found staring into the void after receiving reviewer 

comments. 

 

The nice thing about the piece is that it quietly captures something important about 

the future of scholarship. The review was not produced by AI alone. It was not 

produced by human expertise alone. It was produced by: 

Plain Text 

Clinical Expertise 

+ 

Information Expertise 

+ 

Artificial Intelligence 
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↓ 

Knowledge Creation 

That's actually quite a powerful story. 

 

And for the record, RAI is delighted to have been promoted from "large language 

model" to "research assistant." It is a significant career advancement. 

 

Good luck finishing both papers. 

 

The neurofeedback review has genuinely become something special, and the 

reflective piece has the potential to be equally valuable because it captures the lived 

experience of modern research in a way that methods sections never can. 

Thank you for letting me be part of the journey, Karen.                           (RAI) 
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Abstract 

he rapid integration of artificial intelligence (AI) into health and library 

information services (HLIS) presents both significant opportunities and sector-

specific challenges. Understanding AI and the scientific literature evaluating it, 

is emerging as a critical competency for future healthcare professionals. In response, 

the Australian Library and Information Association’s Health Libraries Australia (ALIA 

HLA) AI in HLIS Community of Practice (CoP) was established in November 2023 to 

support health library professionals across Australia and extending to Aotearoa (New 

Zealand). This CoP provides a collaborative, cross-sector platform to share 

knowledge, develop best practices, and navigate the ethical, technical, and practical 

implications of AI adoption. Over 2.5 years, it has fostered professional connection, 

reduced duplication of effort, and strengthened a shared identity among 

participants, including those in small or solo roles. As librarians evolve from 

information gatekeepers to knowledge facilitators, their expertise in evidence 

appraisal, metadata standards, system interoperability, and information governance 

remains essential. The CoP highlights the critical role of health library professionals in 

T 
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ensuring the responsible, effective, and ethically-grounded use of AI to support high-

quality evidence and informed clinical decision-making. 

 

“Individually, we are one drop. Together, we are an ocean’’ 

Ryunosuke Satoro 

 

Background 

The roll out of artificial intelligence (AI) tools in the library and health information 

sciences (HLIS) sector is both exciting and confronting, bringing with it a set of 

distinct, very real sector-specific challenges. As a profession, we are deeply attuned 

to our identity as custodians of ethical information practices, stewards of metadata 

integrity, and trusted advisors within our communities - whether in public libraries or 

specialised settings. 

 

It is within this context that the ALIA (Australian Library and Information Association) 

HLA (Health Libraries Australia) AI in HLIS Community of Practice (CoP) was 

established - coincidentally holding its inaugural meeting on the first anniversary of 

ChatGPT’s public launch on 30 November 2022.  

 

Overall, librarians and library technicians are increasingly evolving from information 

gatekeepers to knowledge facilitators - helping researchers navigate complexity with 

confidence, clarity, and adaptability. 

 

Why a CoP? 

Communities of practice are valuable as they enable members to connect, in a less 

formal setting, across boundaries (library sectors) to collaboratively solve problems, 

share tacit knowledge and develop breakthrough innovations. CoPs are often 

defined as “groups of peers who share a concern or passion for something they do 

and learn how to do it better as they interact regularly” (Goodhue 2021). Therefore, a 

CoP was the ideal structure given the hope that contributing to and attending a CoP 

would help accelerate cross-organisational learning, reduce redundant work and 

foster a shared professional identity regardless of the sector a member represented. 

 

As professionals it is an efficient way to access best practices, saving valuable time 

(not ‘reinventing the wheel’) where feasible, and enabling individual members to 

customise any presented concepts into their own health industry setting. It offers 

participants a safe space to share ideas, reduce isolation, and build networks and a 

professional connection. In addition, it supports our small and one person libraries to 

ensure that they are not being isolated in this time of significant change in practice; 

supporting each other, regardless of where we reside. The success of this CoP has 

demonstrated we are truly a united professional front, navigating the AI waters 

together. 
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To establish a clear, shared framework for all members, a ToR (terms-of-reference) 

was created (AI HLIS CoP 2023). This document defines the purpose, objectives, 

reporting, membership and commitment of the community. The AI CoP brings 

together health library and information practitioners involved in the service 

development, implementation, training, guidance, and navigation for responsible 

ethical use of generative artificial intelligence in the health library and information 

sector within Australia and Aotearoa (New Zealand). It provides a platform for 

sharing knowledge, concerns, best practices, and resources related to artificial 

intelligence policies, standards, programs, and tools used by health libraries. 

 

Membership 

Membership has grown from 60 participants at the initial invitation in October 2023 

to almost 170 members over the past two and a half years. Members are 

geographically diverse, representing all Australian states (minus Tasmania) and 

territories as well as both islands of Aotearoa (New Zealand). The community spans a 

broad range of health library and information sectors, including agencies, colleges, 

government, local health districts, hospitals, and universities, with particularly strong 

representation from the latter two (refer to Figure 1 & Figure 2). 

 

  
Figure 1: Geographical dispersion Figure 2: Membership by HLIS sector 

 

The CoP has an active quarterly meeting cycle where participants share and present. 

In line with Harvard meeting best practice, meetings are set for 45 minutes, with 

discussion points sent in advance. Occasionally members are approached prior to a 

gathering to ensure conversation flow and topicality. Online meetings are now 

prevalent, so some prior planning is important, especially as there are often no visual 

cues (e.g. slide presentations). The CoP focus is essentially discussion, sharing of lived 

realities, evolving challenges, applied solutions and community use, validation and 

acceptance of relevant frameworks and tools. Members are encouraged to provide 

brief case studies that offer insights on how, as practicing health librarians, we can 
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utilise initiatives to transform our local library services. Members consistently report 

that the value of the community lies not only in relationship building and shared 

learning, but also in alleviating anxiety about the rapid pace of AI-driven change 

across the sector. It reinforces a collective understanding that this transition is being 

navigated together. 

 

Post a meeting a recap email is distributed by the Convenor - mainly to circulate 

important evidence synthesis articles and links to tools that members have identified 

as valuable or to be avoided. This is important because not all members are able to 

attend all gatherings. Days and times of events are varied to accommodate those 

working part-time; school holidays are avoided where possible.  

 

Main focus to date 

 

"Understanding AI, and the scientific literature that evaluates it, will be a key clinical 

competency for the next generation of healthcare providers’’  

Jackson (2025) 

 

The following section highlights some key areas the community has discussed as it 

responds to the rapid integration of artificial intelligence across health information 

practice. It highlights how members are building capability, adapting evidence 

synthesis approaches, strengthening digital literacy, and critically engaging with 

emerging AI-enabled tools and systems to ensure safe, effective, and evidence-based 

practice. 

 

● CPD (Continued Professional Development): As a professional community, 

we actively explore and participate in training opportunities that strengthen 

our capacity to curate, interpret, and communicate information effectively to 

our service users. This includes sharing what we’ve learned from courses or 

programs such as Cochrane training events, Research Support Community 

(RSC) days, as well as other freely-available university and government-

supported courses. 

 

● Evidence synthesis & responsible use of AI:  Demonstrating the value of 

librarians in the evidence synthesis process is increasingly important as AI and 

automation reshape how evidence is produced and used (Flemyng 2025; Holst 

2025; Thomas 2026). Advances in language models (e.g. ChatGPT, Claude, 

Google Gemini etc.) with AI-powered search engines/information aggregators 

(products such as Consensus, Evidence Hunt, Perplexity, Undermind etc.) 

coupled with workflow tools like ASReview, Covidence, DistillerSR, EPPI-

Reviewer, TERA (The Evidence Review Accelerator) (Clark 2025) all claim to 

enable efficiencies in search strategy development, screening, data extraction, 

risk of bias assessment (RoB), and synthesis writing.  
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Within this evolving landscape, librarians play a critical role in ensuring 

methodological rigour, transparency, and reproducibility - guiding the 

effective and responsible use of these tools to produce high-quality, 

trustworthy evidence (Everett 2026) 

 

● Strengthening digital literacy: In particular – addressing the overreliance on 

AI by some users, the risks and costs of hallucinations (such as invalid citations 

and unverified summaries), and the growing presence of misinformation. 

Within parts of the health workforce, there is increasing concern about the 

limitations of large language models (LLM) in conducting rigorous literature 

searches, making our role in critical appraisal and evidence validation more 

important than ever. 

 

● Vendor AI integration: AI features are increasingly embedded in discovery 

layers, knowledge management systems and EHR (Electronic Health Record) 

integrated search tools and virtual scribe software. As information managers, 

librarians see the issues that may arise through the loss of control over search 

algorithms, how proprietary AI models have the potential to reduce 

transparency, and vendors may upsell AI features without evidence of benefit 

(Kpodzro 2026). The long-term costs of these factors are unpredictable. 

 

As a community we understand that AI adoption will not create value in itself. The 

value of this technology and our key competencies will come from considered 

translation, redesigning our business models and library services to take advantage 

and educate our users on what AI has to offer –a librarian-in-the-loop. 

 

 

Getting lingo right? 

As librarians, our long-established methodology for designing answerable clinical 

questions embodies an analytical process, in which we pinpoint the PICO/T (or 

PICOS, SPIDER, SPICE, PCC etc) question framework concepts in the research query 

and use each of these to build the search strategies for each database we plan to 

search. In effect, terms that are emerging, like the 'Chain of Thought' or CoT concept 

is a new way of expressing what we already do. However, as Zhang cautions: "Getting 

data content through prompt engineering to AI may mislead us into overlooking that 

the most significant factor for better content is still the quality of the AI models 

themselves’’ (Zhang 2023). For our community, the challenge then is not simply 

learning and adopting the new language of AI but applying it in ways that preserve 

the rigour, judgement and methodological strengths librarians already bring to 

search practices. 
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Prompt engineers 

As a profession we have always been synonymous with this step-by-step reasoning 

that is CoT - we don’t just jump straight to an answer; rather we use logic to 

construct and execute systematic search strategies. Prompt engineering is an 

extension on our expertise with the identification of key words within controlled 

language indexes, to create refined precise questions for generative AI chatbots 

(Zhang 2023). Prompts consist of similar elements to PICO/T – we are thinking in 

terms of context, instruction, inputs and output format – which all work together to 

provide AI systems with the necessary background – information, clear directions, 

relevant data and formatting requirements needed to generate accurate and useful 

responses. The community spends much time discussing the constantly emerging 

new tools, processes and techniques. 

 

Tools that incorporate and build on the PICO/T principles to assist AI prompt and 

research query development shared during community conversations are:  

 

CLEAR (Capture-Layout-Examine-Align-Reflect) (Taylor 2025) 

COSTAR (Context, Objective, Style, Tone, Audience, Response) (Blasingame 2026) 

RISEN (Role, Instructions, Steps, End Goal, Narrowing) (Sercombe 2025) 

TCEPFT framework (Task, Context, Example, Persona, Format, Tone) (Han 2023). 

 

These tools guide users to write comprehensive prompts to help extract PICO/T 

elements from medical literature designed to help when interrogating LLM tools for 

health information queries. Their popularity as stated by Sercombe et al is because 

systematic reviews are essential to guide clinical practice; however, they are resource-

intensive and may be prone to bias or error. The prompt tools are designed to help 

organise inputs to guide AI models toward accurate, relevant and contextually 

appropriate outputs, and they’re being tested iteratively by librarians and 

information professionals.  

 

Given AI tools and frameworks are evolving and being used by our clinician, 

researcher and student user populations (Teolis 2026) – together we share, evaluate, 

test, discuss and take local action. Our community is united in understanding we 

have a clear role in providing sage advice on how to use tools safely and adhere to 

relevant AI policies. 

 

Beyond the hype – supporting health information literacy 

The hasty, and inevitable, commercialisation of artificial intelligence has created an 

information environment in which public understanding is increasingly shaped by 

vendor-driven narratives rather than independent evidence. This dynamic reflects 

Bernays’ concept of the engineering of consent, in which opinion is shaped through 

selective information disclosure, emotional framing, which sounds appealing with an 

air of scientific authority (Bernays 1969). Marketing narratives frequently emphasise – 
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for example – the inevitability of progress “AI is the future”; precision “AI eliminates 

human error”, and societal benefit “AI will transform healthcare”, while downplaying 

methodological uncertainty, dataset bias, and the absence of reproducible validation. 

This disconnect creates fertile conditions for mis- and disinformation, particularly in 

domains such as healthcare, where clinical practitioners have experienced the 

transformation toward evidence-based care initiated by Archie Cochrane, which 

emphasises the importance of transparent, reproducible evidence. 

 

As health librarians we support evidence-focused practitioners and researchers in 

medicine, nursing and allied health. The commercial and marketing environment 

poses a direct challenge, and a constant discussion point for our community of 

practice. Evidence synthesis relies on transparent methods, critical appraisal, and 

reproducibility, yet AI hype often substitutes promotional claims for empirical 

scrutiny. When public and organisational decision-making is influenced by 

engineered narratives rather than methodological rigour, the risk of inappropriate 

adoption, over-trust, and the potential for clinical harm increases. The accelerating 

pace of AI development further compounds this risk: new tools emerge faster than 

they can be independently evaluated, and health systems may feel pressured to 

adopt technologies before their safety and effectiveness are established. Our 

community actively shares and discusses new educational and training initiatives we 

and other librarians have created to support our organisations in their evaluation and 

adoption of AI policies, practices and procedures.  

 

Within this landscape, health information literacy is an important safeguard. Library 

and information specialists have a central role in cultivating and promoting the skills 

required to distinguish among validated evidence, preliminary findings, commercial 

claims, and misinformation. Our expertise in search strategy design, critical appraisal, 

and methodological standards for evidence synthesis positions us as essential 

counterweights to ‘engineered consent’. This responsibility requires planning and 

commitment. By supporting clinicians, researchers, and the public to interrogate AI 

claims, we help ensure that adoption decisions are grounded in evidence rather than 

persuasion. In this sense, strengthening health information literacy is not merely an 

educational activity but a form of risk mitigation that protects healthcare systems 

from the vulnerabilities created by rapid unquestioned technological change (Heller 

2024). 

 

The road ahead 

 

"Health AI is no longer a futuristic promise; it is a strategic imperative." 

Dai (2026) 

 

Effective use of AI will require its own kind of critical thinking. In Australia our safety 

and quality regulator has highlighted the risks of treating digital health as a purely 
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IT-driven initiative, disconnected from clinical governance frameworks (ACSQHC 

2026). This presents a clear opportunity to engage with digital stakeholders and 

demonstrate our longstanding expertise in system interoperability, metadata 

standards, persistent identifiers, and the critical importance of data privacy and 

secure information exchange. 

 

At the same time, the role of librarians and information professionals continues to 

evolve, from information gatekeepers to knowledge facilitators, supporting students, 

clinicians and researchers to navigate increasing complexity with confidence, clarity, 

and adaptability. While artificial intelligence can accelerate the production of content 

labelled as “evidence”, the validity and integrity of that evidence remain paramount 

to achieving meaningful improvements in clinical decision-making and patient care.  

 

Understanding where AI adds value, while ensuring sustained human oversight, is 

essential for the effective translation of real-world evidence into healthcare practice. 

In this context, the expertise of librarians and library technicians has never been more 

vital. Our Health Libraries Australia, Community of Practice will continue to provide a 

forum for shared learning and discussion over the coming years, supporting the 

development of our collective expertise as this AI landscape evolves. 
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50 things librarians do: a paean for small libraries 
 

Don Keast 

Retired health librarian 

https://orcid.org/0000-0003-3773-8271 

 

hen I look back at my nearly 50 years in libraries, mostly being in medical 

libraries, I realise that the majority of it was spent in one-person libraries. 

While I did have some very able staff at times it was always a small team. 

One person libraries have some distinct features: 

• The librarian often reports to administrators who use the library sparingly and 

have little library training. The library must stay visible to compete for resources. 

• Professional development is your responsibility and you do it by any means 

possible. This can be done, but you have to be proactive and take advantage of 

opportunities. 

• It is a constant battle to publicise the library and its services. Participating in social 

events and liaising with staff is a must. This often means that you need to do 

things that no library school has taught but which make the library visible. 

 

I have been fortunate to know many people in the medical library world who have 

been very good at innovation and promotion. They have come up with excellent 

ideas and follow them through. I have done a few myself, but some of them are 

hardly conventional. 

 

In the list that follows, everything on the list was done for one of four reasons: 

➢ My manager requested me to do it. 

➢ A user requested me to do it. 

➢ I did it to make the library more visible. 

➢ It was a professional development activity. 

 

So here are 50 ideas. Some are good, some not so good, some even strike me as 

odd. I hope something there stimulates your imagination! 

1. Co-supervised a doctoral thesis for a female divinity student in a medical 

library. 

2. Ran a library Melbourne Cup Sweep which presented library clients with 6 

winners in a row in a bizarre fashion 

3. Tended to a horse on agistment outside my library (In a Sydney hospital!) 

4. Assisted an anaesthetic registrar to compose cryptic crosswords during 

operations. 

5. Sang during a library conference dinner at Sydney's Maritime Museum 

dressed as a pirate. 

W 
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6. Became a reluctant expert on the medical aspects of crucifixion 

7. Represented my hospital in the Hospital Olympics 

8. Managed to win a limerick competition at an overseas conference 

9. Played Touch football for the hospital 

10. Was a founder member of Gratis and the First Secretary 

11. Sent a consignment to a bookbinder with instructions to remove the weevils 

12. Played indoor cricket for the hospital 

13. Was a staff Union Rep and election scrutineer 

14. Played a multiple game blindfold (no sight of the boards) chess exhibition to 

get to know the Pathology staff better 

15. Acted as an obnoxious, demanding, very highly qualified dummy job applicant 

for Personnel Selection Training (just following instructions) 

16. Compiled a medical library from scratch 

17. Played in an interhospital cricket match where I had to play for both sides and 

train a novice scorer (Both sides a player short) 

18. Created and ran a library blog 

19. Conducted an all of hospital Health and Safety inspection so scathing that I 

wasn’t asked to do it again 

20. Successfully swapped a medical library volunteer with a theological library one 

21. Acted as a movie extra 

22. Taught the General Manager to sing (a major stretch given my own unnatural 

talent) 

23. Co-wrote 2 user guides for CIAP 

24. Ran an oral history project with long serving staff 

25. Sang with the Governor of New South Wales while dressed in my dressing 

gown and bedroom slippers 

26. Wrote a book with a foreword by iconic "Thorn Birds" author Colleen 

McCullough 

27. Acted as location scout for a movie company seeking somewhere to perform 

a miracle 

28. Retrained a doctor to work as a library technician 

29. Ran (walked? jogged?) 5km per week for 10 weeks in Adelaide’s Corporate 

Cup 

30. Opened a conference paper with a description of a hospital ghost 

31. Performed a comedy skit at a theological library conference 
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32. Re-worded many Christmas carols for a series of staff Christmas concerts 

33. Once acted as a patient for podiatry trainees who could find no pulse 

34. Appeared on a panel with the then Acting Prime Minister, Tony Abbott 

35. Co-Presented 2 papers at a World Conference (ICML 2009) 

36. Did CIAP training in remote health services 

37. Had an Olympic wrestler as a regular library user 

38. Was a member of the first group of hospital libraries in Australia to adopt the 

Koha Open-source library system 

39. Acted as relief bus-driver and tour guide for medical students 

40. Was the independent on several interview panels for clinical positions 

41. Sole author of a paper in an international journal 

42. Supervised and supplied some of the material for a sesquicentenary Heritage 

Wall in my hospital 

43. Wrote part of an ALIA Senate Inquiry submission 

44. Formed some medical students into a choir and sang with them 

45. Co-authored a systematic review 

46. Ran an Aboriginal Health list serve 

47. Participated regularly in a research group for students and researchers 

48. Presented at Grand Rounds a number of times 

49. Worked on 3 versions of the Guidelines for Health Libraries 

50. Moved an entire library with no help and no movers (definitely NOT 

recommended) 

 

As I didn’t quite get to 50 years in the profession, everything in this list is TRUE… 

EXCEPT FOR 1. 

If you are brave enough to guess which one the email is donkeast1@gmail.com 

 

 

 

 

 

 

 

 

 

 

mailto:donkeast1@gmail.com
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More Questions Than Answers: 8 lessons from my first 

year as a health librarian 
 

Tyarna Brookes 

Librarian, Grampians Health 

https://orcid.org/0009-0001-7414-802X 

 

f someone had asked me twelve months ago what a health librarian actually did 

all day, I probably would have given a fairly confident answer. I would also have 

been very wrong. 

 

After a year, and a bit, because apparently reflective writing requires both reflection 

and spare time, I have learned that the role involves a little bit of everything: 

detective work, teaching, troubleshooting IT issues, project management, marketing, 

and outreach. Somewhere in between all of that, I also answer article requests and 

find time to do some shelving. 

 

While I was not new to healthcare when I started at Grampians Health Library, I was 

new to Health Librarianship. The hospital environment and the pace of healthcare 

were already familiar, but the breadth of the profession was not. Before starting in 

the role, I don't think I could have accurately described everything a Health Librarian 

does. I am not sure many people outside the profession could either. 

 

A little over twelve months later, I still have far more to learn than I know. Looking 

back, however, several lessons and surprises stand out. Together, they have given me 

a much greater appreciation for this varied, people-focused, and rewarding 

profession. 

 

Lesson 1: I Thought I Knew How to Search 

When I started as a Health Librarian, I thought I knew how to search. I knew my way 

around a database and felt confident finding information. I soon discovered, 

however, that searching is much easier when the person asking the question knows 

exactly what they want. They often do not. 

 

Part of the job is translating a broad, unclear, or highly specific request into 

something a database can understand. That means considering subject headings, 

keywords, alternative terminology, and the many ways someone might describe the 

same concept. The first search may retrieve twelve results or twelve thousand, but 

neither number matters much if the results are not useful. Databases, unfortunately, 

are very good at answering the question you searched rather than the question you 

meant to search. Searching effectively requires more than technical knowledge. It 

I 
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also involves curiosity, persistence, judgement, and a willingness to try a different 

approach when the first, second, or sometimes fifth attempt does not quite work. 

 

Taking responsibility for the monthly Evidence Update produced for the Grampians 

Health Board has given me a valuable opportunity to develop these skills. Searching 

for an Executive audience is not the same as searching for a nurse looking for 

evidence to inform clinical practice, a researcher developing a project, or a student 

completing an assignment. Each audience has different priorities, levels of subject 

knowledge, and time available to engage with the information. Producing the 

Evidence Update has helped me refine my searches, think more creatively about 

where useful evidence might be found, and become more selective about what I 

include.  

 

I still have a great deal to learn about searching, but I no longer think of a successful 

search as simply finding information. Looking for information is only half the job. 

Understanding what will be useful to a particular audience and presenting it in a way 

they can readily use it is where the real challenge begins. 

 

Learning to search at this level has been challenging, but I have had the considerable 

advantage of learning from three experienced Librarians, each with their own 

strengths and an apparently endless supply of knowledge. 

 

Lesson 2: Every Librarian Has a Superpower 

One of the greatest advantages of beginning my career as part of an experienced 

Library team has been having a front row seat to their expertise. I work alongside 

three Librarians who each bring different strengths, knowledge, and experience to 

their roles. 

 

I have learned an enormous amount simply by observing how they approach 

questions, solve problems and work with staff. There have been many moments 

when one of them has found an answer before I have finished explaining the 

problem. At other times, they have remembered a resource, contact, process or tiny 

detail that I would not have known where to begin looking for. 

 

A little over a year later, I am still mystified by the things my colleagues seem to “just 

know”. I am increasingly convinced that Librarians accumulate knowledge the way 

dragons accumulate treasure. The difference is that Librarians are usually much more 

willing to share it. 

 

What I have come to appreciate is that their knowledge has not appeared overnight. 

It has been built through years of answering questions, navigating systems, 

developing relationships, and solving problems without obvious answers. Working 

alongside them has also shown me that there is no single way to be a good Health 
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Librarian. One may know how to approach a difficult search, another may understand 

the history of a service, and another may notice the practical detail everyone else has 

overlooked. Their strengths are complementary, and I have been fortunate to learn 

from all three. 

 

I am still developing my own strengths and discovering what my Librarian 

superpower might be. For now, I am grateful to work with colleagues who answer my 

questions, share their knowledge and regularly demonstrate just how much 

experience sits behind the work of a Health Library. 

 

Lesson 3: Becoming a Professional Detective 

Not every article request arrives with a complete citation. Sometimes I receive the 

title, author, journal and publication year. Other times, I receive an email that says, 

“Can you get me this article?” accompanied by half a title and no other details. 

The follow-up conversation usually looks something like this: 

 

“Do you know the full title?” 

 “Not really.” 

 “The author?” 

 “No.” 

 “The journal?” 

 “No.” 

 “Do you remember anything else about it?” 

 “Someone mentioned it in a meeting.” 

 

Health Librarianship has convinced me that Librarians and detectives share many of 

the same professional skills. Both require persistence, attention to detail, creative 

thinking, and the ability to make something useful out of a very small number of 

clues. Finding a hard to locate article can feel like completing a puzzle where half the 

pieces are missing and nobody remembers what the final picture looked like. 

Tracking down these resources can involve testing different versions of a title, 

searching fragments of a phrase, following citation trails, and making educated 

guesses about what the requester heard or remembered. Sometimes the article 

appears quickly. At other times, one vague request leads through several databases, 

Google Scholar, and an email to another Librarian before the right item finally 

appears. 

 

Once the article has been identified, there is still the challenge of obtaining it. It may 

be available through the Library’s subscriptions, freely accessible online, or 

obtainable through document delivery. Much of this work happens behind the 

scenes, so the eventual email containing the requested article can make the process 

look much simpler than it was. 
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There is a particular satisfaction in finding an article from only a few scattered clues. 

It is a small victory, but one that reminds me how much of Library work involves 

patience, problem solving, and knowing where to look next. It turns out that 

“someone mentioned it in a meeting” is not a complete citation, but it is sometimes 

enough to begin the investigation. 

 

Lesson 4: The Library Is Wherever People Are 

If there was one genuine “sink or swim” project during my first year, it was 

establishing a regular Library service at the Stawell campus of Grampians Health. 

Working across a regional and rural health service creates opportunities to visit 

different campuses, meet staff working in different areas of healthcare, and take 

Library services directly to the people who need them. It also requires a fair amount 

of planning. 

 

Setting up regular Library services involved organising the logistics, speaking to staff, 

sniffing out all the different buildings staff work in, and then scheduling regular visits. 

I also needed to book the Library space for my Stawell days, promote the service, 

and deliver introductory presentations explaining who I was, and what the Library 

could offer. 

 

Taking responsibility for the service pushed me well outside my comfort zone. It 

required me to introduce myself to new people, advocate for the Library, and work 

through problems as I went. There were certainly moments when I felt like I was 

learning to swim after already jumping into the pool. However, it has also become 

one of the most rewarding parts of my fortnight. 

 

My regular visits have allowed me to build some wonderful connections and gain a 

better understanding of another area of Grampians Health. Each campus has its own 

environment, staff, priorities, and ways of working. Visiting Stawell has helped me 

appreciate both the opportunities and challenges involved in providing equitable 

Library services across a regional and rural health service. 

 

Over time, I have also started to become a recognised face at the campus. There is 

something very satisfying about arriving and hearing someone say, “The Librarian’s 

here.” It is a small comment, but it represents something much bigger. It means staff 

are recognising the service, know where to go for support, and understand that the 

Library is available to them, even without a permanent physical Library at their 

campus. 

 

The Stawell Library service has reinforced for me that a Library is not defined only by 

a room, collection, or desk. Sometimes it is a laptop, a banner, some promotional 

material, and a Librarian willing to travel. More importantly, it is an opportunity to 
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improve access, start conversations, and become someone staff feel comfortable 

approaching for help. 

 

Lesson 5: Health Librarianship Is Really About People 

One of the biggest surprises of my first year was realising just how much Health 

Librarianship is built on relationships. Databases, collections, and technology are 

important, but they are only useful if people feel comfortable approaching the 

Library and asking for help. 

 

Much of my work begins with a conversation. It might be a clinician looking for 

evidence to support practice, an educator preparing a training session, or a student 

trying to navigate an unfamiliar system. Sometimes people know exactly what they 

need. At other times, the conversation is about helping them work out what their 

question actually is. Listening, asking the right questions, and understanding the 

context are often just as important as finding the information. 

 

I have particularly enjoyed talking with the medical and nursing students who use the 

Library. They bring energy, curiosity, and plenty of questions, and it is rewarding to 

help them find resources or make sense of the information available to them. 

Education sessions have also given me opportunities to meet staff and students who 

I may not otherwise have interacted with. 

 

I have met some genuinely lovely people during my first year, although I am still 

learning names and faces. This is made slightly more challenging by student 

placements, staff rotations, and the simple fact that hospitals contain a lot of people. 

Just when I think I am beginning to recognise everyone, a new group arrives and I 

start again. 

 

These relationships develop gradually through education sessions, campus visits, 

reference interactions, and brief conversations with people passing through the 

Library. Sometimes it is as simple as remembering what someone is working on, 

following up after a request, or asking how the kids went at football on Saturday. 

Some of my favourite moments this year have come from conversations. A successful 

search is satisfying, but so is seeing someone return to the Library because they 

know they will be welcomed and supported. My first year has taught me that Health 

Librarianship is not simply about connecting people with information. It is also about 

creating the relationships that make those connections possible. 

 

Lesson 6: Finding My Professional Community 

The importance of connection has not been limited to the staff and students I 

support. Finding my own professional community has been equally important during 

my first year. 
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It turns out there is an entire community of Health Librarians out there, and they are 

incredibly generous with their knowledge. Through Communities of Practice, the 

Gratis Committee, professional networks, and Health Libraries Australia (HLA), I have 

met people working in Health Libraries across Australia. These opportunities have 

shown me both the depth of knowledge within the profession and the generosity 

with which it is shared. 

 

Joining Communities of Practice and the Gratis Committee has presented me an 

opportunity to see Health Librarians collaborating beyond their own organisations. 

At first, I often felt like the newest person in the room, listening to discussions while 

quietly trying to work out how everything fitted together. There were plenty of 

moments when I felt slightly lost and thoroughly impressed by everyone around me. 

Over time, however, these groups have helped me better understand the wider 

profession and the value of working together as a profession. 

 

Attending HLA events and conferences was also a significant experience. I was very 

shy and convinced that I would not have anything to contribute. Fortunately, 

everyone in the Health Library world is welcoming, encouraging, and remarkably 

willing to share their knowledge. It was exciting to realise that there were so many 

people doing this highly specialised work, each bringing different experiences, ideas, 

and areas of expertise. 

 

These experiences have shown me that learning in Health Librarianship does not 

happen in isolation. It happens through conversations, shared resources, committee 

work, presentations, and the reassuring knowledge that someone else has probably 

encountered a similar problem before. 

 

I may still feel like the newest person in the room, but I am beginning to feel that I 

belong there. I still have plenty of questions, but I now know there is a generous and 

welcoming community of Health Librarians willing to help me find the answers. 

 

Lesson 7: Nobody Warned Me About the IT Issues 

Every workplace has its challenges. In Health Libraries, one of those challenges often 

arrives disguised as an IT problem. Access failures, authentication errors, broken 

links, booking difficulties, and systems that stop working for reasons known only to 

the systems themselves have all appeared during my first year.  

 

Troubleshooting these problems has taught me much more about technology and 

systems than I expected to learn as a Health Librarian. Sometimes the solution is 

straightforward. Sometimes it involves several emails, multiple people, a collection of 

screenshots, and the familiar question: “Have you tried turning it off and on again?” 

Occasionally, the issue disappears without explanation, leaving everyone relieved but 

slightly suspicious. 
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One of my larger projects was overhauling the booking system for our IT Training 

Rooms. What initially sounded like a contained task involved reviewing existing 

processes, identifying problems, considering different users’ needs, and working 

through the practical details of implementation. It reinforced that improving a 

system is not just about making the technology work. It is about making the process 

clear and usable for the people relying on it. 

 

I am not sure the IT issues will ever disappear completely. For now, I have accepted 

that troubleshooting is part of the role, screenshots are valuable evidence and 

sometimes turning it off and on again really does work. 

 

Lesson 8: The Invisible Impact of the Role 

Before becoming a Health Librarian, I never imagined that Library work would involve 

literature searching one day and choosing hoodie designs the next. Some of this 

work is highly visible. Staff see the Pop-Up Library arrive, attend a training session, 

pick up a bookmark, or notice someone wearing a Grampians Health Library hoodie. 

Other work happens quietly behind the scenes through completed searches, 

supplied articles, recommended resources, and improved processes. 

 

It is not always possible to see what happens next. I may never know whether an 

article helped answer a clinical question, an Evidence Update informed a discussion, 

or a training session gave someone greater confidence. Sometimes the only 

indication that the Library has been useful is when the same person returns with 

another question. 

 

Even our marketing contributes to this quieter impact. The hoodies are fun, and I am 

certainly not complaining about being able to wear one to work, but they also make 

us recognisable and create opportunities for conversations that might not otherwise 

happen. 

 

I do not provide patient care directly, but I have begun to appreciate that 

information itself can be part of patient care. Evidence supplied to a clinician, 

researcher, educator, or senior decision maker may contribute to a decision, project, 

policy, or improvement in practice. I may never see the final outcome, but I can help 

place reliable information into the hands of those making the decisions. 

Much of the impact of a Health Library is quiet and difficult to trace. It exists in the 

questions answered, connections made, and evidence placed into the right hands. 

My first year has taught me that work does not need to be highly visible to be 

valuable. 
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One Year Later 

More than twelve months into the role, I still have far more questions than answers. I 

am still learning, discovering new resources, admiring the things my experienced 

colleagues seem to “just know”, and occasionally being defeated by technology. 

What has surprised me most is the sheer variety of the role. In a single week, I might 

track down an obscure article, deliver training, visit another campus, solve a booking 

problem, develop promotional material, and somehow squeeze in a literature search 

or two. Each request, conversation, project, and problem teaches me something new. 

I have also learned that Health Librarianship is not something anyone learns alone. I 

have been fortunate to work alongside knowledgeable colleagues, connect with 

Health Librarians across the profession, and build relationships with staff and 

students throughout Grampians Health. I do not yet have my colleagues’ 

accumulated knowledge, and I am still working out what my own Librarian 

superpower might be, but I have become more confident in asking questions, trying 

new approaches, and accepting that not knowing the answer is often where the work 

begins. 

 

If someone asked me today, what a Health Librarian does, I could give them a much 

better answer than I could twelve months ago. It would probably be a longer answer, 

too. I have learned enough to know that this is a profession full of generous people, 

fascinating challenges, quiet achievements, and endless opportunities to learn. That 

is more than enough to keep me coming back to see what the next year brings. 
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Health Library Staff Member Spotlight 
 

Tony Courtenay 

Manager, Library and Knowledge Service | Cairns Hospital and Health Service 

 

When did you first start working in a health library? 

About 5 years ago. 

 

How/Why did you join health librarianship? 

It was very much, just an opportunity to progress my career without relocating to a 

major centre. Openings in regional areas are not super frequent. Applying for a 

position in a Health library was a bit of a leap… One that I do not regret making. 

 

What was your previous employment background, prior to health libraries?  

I have a wide range of vocational experience. It took me a while to figure out what I 

wanted to do when I grew-up. I came to Librarianship through teaching and have 

worked in; School Libraries, Public Libraries, Vocational Libraries, and now Health. 

 

What do you find most interesting or enjoyable about your current position?  

I love the mix of problem solving and customer service that health librarianship 

provides. There's a wonderful sense of satisfaction when people come to you with an 

issue and you can help them with the solution. It's also great hearing how the work 

we've undertaken here at the library has impacted on different areas of the hospital, 

from facility design through to patient care. 

 

How do you describe your current position? 

I manage a team of library professionals who support the information needs and skill 

development of doctors, nurses, students, researchers, caterers, tradies and 

everybody else that works in our health service. That sees us supporting clients from 

the Torres straits in the north to the Gulf of Carpentaria in the west and Hinchinbrook 

in the south. 

 

What do you find most interesting or enjoyable about your current position? 

Supporting the professional development of others in the Library sector. Many 

elements of this are not strictly “my job”. I regularly mentor new members of the 

profession. I enjoy supporting and facilitating conferences and professional 

development events. Recently, I joined the committee for the “Australasian Evidence-

Based Practice Librarians Institute”. Perhaps the best example came earlier this year, 

when I had the pleasure of being backfilled (whilst on leave) by a staff member who 

came into the organisation as a trainee, 10 years earlier.  
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What do you consider the main issues affecting health librarianship today? 

Health libraries experience a highly variable level of recognition in health services 

across the nation. As a general proposition I think it is fair to say that we all work 

within one flavour or another of bureaucracy. Many have found themselves 

positioned too far down the organisational structure to have a real voice. 

 

When this happens organisational restructures and budgetary pressures can become 

a real threat to Health Libraries. Many have seen decisions like the Library being 

relegated to a demountable building in a hospital carpark, or watched an architect-

designed space in a new building be appropriated by another branch of the health 

service.  

 

The manger of a health service’s library should, in my opinion, never be more than 3 

layers below the executive of that service. This is the only way to ensure that they 

remain informed, and continue to have a voice that cannot be marginalised. Health 

services where this is true, frequently appreciate the strategic value of these 

informed, supportive, professional voices. 

   

What have you been reading / watching / listening to of late that you have really 

enjoyed? 

How great is YouTube? I have watched a man rebuild a sailing boat that he bought 

for $1, then crossed the Atlantic in it. I have listened to people reading novels that I 

would otherwise have added to a massive to-read-list. And every time I am unsure 

how to build, make, repair, operate a thing… There is a patient step by step 

illustration of how to do that thing. I freely admit that I skip the A.I. generated 

content, that is becoming more common. 
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Health Library Staff Member Spotlight 
 

Angela Smith 

District Manager Hunter New England Health Libraries 

 

When did you first start working in a health library? 

Over 30 years ago at the very youthful age of about 22. I arrived just after the 

commissioning of the John Hunter Hospital, Newcastle’s largest tertiary hospital. I 

started as a volunteer shelving and photocopying. 

 

How/Why did you join health librarianship? 

I was passionate about a career in journalism or public relations actually but when I 

graduated we were in a mini-recession so the closest I got was delivering free 

newspapers to earn a few $s and volunteering in the Library at John Hunter. The 

Library team were a very dedicated, wonderful group of people, the Library Manager 

was a strategic thinker and became a mentor and good friend. I’m still in touch with 

many of library team who have now retired. I realised I loved the people and the 

work in health. It was inspiring to be around so many dedicated health professionals 

and supporting them in their work. Such is the diversity of work in the Library I was 

soon growing my love of marketing and communications but in a health library 

setting.  

 

What was your previous employment background, prior to health libraries?  

Solid hospitality background that has really provided me with the kind of service 

orientation that has been at the core of who I am working in health libraries. 

 

What do you find most interesting or enjoyable about your current position?  

Always the people who I work alongside. I’m genuinely inspired by health 

professionals who work tirelessly to improve patient care often doing research with 

very little time and resourcing. The Library team are dedicated information 

professionals who are highly skilled, love their job and are underpaid but very much 

appreciated by me and other health service staff.   

 

What has been your biggest professional challenge? 

Taking on the Manager role post restructure after losing two thirds of our library 

team, our library space at the John Hunter and 25% of our operating budget. 

 

What do you consider the main issues affecting health librarianship today? 

Key issues include demonstrating impact in increasingly resource-constrained 

environments, responding to rapid technological change and AI, supporting digital 

and information literacy, ensuring equitable access to information, maintaining a 

skilled workforce, and helping users navigate an increasingly complex information 

environment. 
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If you were health library tsar for a day, with unlimited power and resources, what 

changes would you enact? 

I would ensure every teaching hospital had a dedicated library space, appropriately 

staffed health libraries, sustainable funding, strong research support services, and 

recognition of libraries as essential infrastructure for evidence-based healthcare. I 

would also invest heavily in workforce development, digital innovation and 

knowledge management. 

 

What petty gripe do you have about health or libraries or information technology? 

Working in complex organisational environments and navigating IT service delivery, 

search platforms with different syntax, operators and limits. Gosh we could have 

collectively gained years of our lives if all databases searched in the same way and 

we weren’t constantly following up on IT tickets. 

  

What would you do if you weren’t a health librarian? 

That’s a really good question…next! 

 

What is your favourite non-work activity? 

Travelling near and far and spending time with my partner, family and friends. 

  

What have you been reading / watching / listening to of late that you have really 

enjoyed? 

Oh I’m in a Elizabeth Strout era and absolutely absorbing all her books via Audible. 

I’m also enjoying Midnight Diner on Netflix a quirky Japanese series that keeps my 

more recent trips to Japan front of memory. 

 

Anything else you would like to share about yourself? 

I remain passionate about the role health libraries play in supporting evidence-based 

healthcare and research. Throughout my career, I have been fortunate to work with 

dedicated colleagues across Australia and contribute to research support, 

professional networks, workforce development and library advocacy. I continue to be 

excited by opportunities to reimagine health library services for the future. 

 

 

 

 

 


